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ABSTRACT 
 
This study explored how AI scaffolding helped support 
English oral communication among Thai and Chinese EFL 
university students and investigated how these students 
perceived the usefulness and ease of use of AI tools. Using a 
comparative mixed-methods analysis, the study purposively 
selected ten first-year undergraduate students (five Thai and 
five Chinese participants). The students completed three 
phases of scaffolded speaking tasks using ChatGPT (for Thai 
participants) or Doubao (for Chinese participants), along with 
an extended Technology Acceptance Model (TAM) 
questionnaire. Speaking performances were analyzed using the 
Complexity, Accuracy, and Fluency Framework and an 
Analytic Scoring Rubric, while questionnaire data were 
examined through descriptive statistics and thematic analysis. 
The findings revealed that students from both groups 
improved their vocabulary and idea organization, particularly 
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during structured question-and-answer interactions. By 
contrast, grammatical accuracy showed little improvement 
across the three phases. Overall, both Thai and Chinese 
students viewed AI tools positively and considered them useful 
and easy to use, although cultural differences influenced what 
they valued most in the learning experience. The study suggests 
that generative AI works best as a supportive speaking partner 
that complements, rather than replaces, human language 
teachers. 
 
Keywords: AI-scaffolding, oral performance, TAM 
perceptions, Thai students, Chinese students 

 
 

Introduction 
 

AI-powered chatbots such as ChatGPT and Doubao have become 
tools for language learning in addition to everyday work support. These 
chatbots allow learners to practice language skills in low-anxiety, on-demand 
environments. Unlike traditional computer-assisted language learning 
programs, chatbots can sustain interactive exchanges, provide instant 
feedback, and adjust to learner input (Fryer & Carpenter, 2006; Huang et al., 
2022). These chatbot tools are particularly relevant to oral language learning 
due to their sustained interaction and timely feedback, which make them 
suitable for large university classrooms. However, the successful 
implementation of AI tools depends not only on technological capability but 
also on user acceptance. The Technology Acceptance Model (TAM) posits 
that perceived usefulness and perceived ease of use determine individuals’ 
intentions to adopt new technologies (Davis et al., 1989). Subsequent research 
has extended TAM to include factors such as enjoyment, social influence, and 
technological familiarity (Chesney, 2006; Granić, 2023). In the contexts of 
language education, learners’ perceptions significantly influence whether 
digital tools are meaningfully adopted and sustained (Huang et al., 2022). 
Therefore, investigating students’ perceptions toward generative AI is crucial 
in comprehending whether these tools can be effectively integrated into oral 
language teaching in EFL contexts. 

AI adoption in university classes has expanded rapidly across Asia, 
particularly in China and Thailand. In China, with national digital education 
strategies, AI in university teaching and grading has been implemented on a 
large scale (Zou et al., 2022). Similarly, Thailand has promoted the 
digitalization of higher education and employed AI-supported platforms to 
enhance EFL learners’ English language proficiency (Taylor et al., 2023).  
Although research on AI-assisted language learning has gained significant 
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attention, studies specifically focusing on AI-enhanced speaking performance 
in Asian higher education remain scant (Shaengchart et al., 2023; Taylor et al., 
2023). To better understand the dimensions of oral performances using AI 
scaffolding, this study examines four performance dimensions (fluency, 
grammatical complexity, vocabulary, and idea organization) alongside 
constructs from the extended Technology Acceptance Model (TAM) 
(perceived ease of use, perceived usefulness, attitude & enjoyment, output 
quality & result demonstrability, and social influence & facilitating 
conditions). Grounded in AI scaffolding for speaking and technology 
acceptance frameworks, the present study investigates Thai and Chinese 
university students’ speaking interactions and their perceptions of AI’s 
usefulness and ease of use in higher education. By comparing two higher 
education contexts in Thailand and China, this research seeks to answer the 
following research questions: 

RQ1: To what extent does the use of generative AI as a speaking 
partner improve Thai and Chinese students’ oral communication proficiency? 

RQ2: How do Thai and Chinese students perceive the usefulness and 
ease of use of generative AI for English speaking practice? 
 

Review of Literature  
 
 In this section, speaking interaction and AI use in scaffolding are 
discussed. This is followed by the expanded model of TAM for AI 
perceptions as well as empirical past studies. 
  
Speaking Interaction and Artificial Intelligence (AI) through 
Scaffolding Technique 

 
Oral communication continues to be a major challenge for EFL 

learners in higher education, particularly in contexts where instruction 
prioritizes grammar and examination rather than interactive language use 
(Charoenchotphokin, 2024). Many students experience speaking anxiety 
because they have limited exposure to real interaction and low confidence 
when participating in classroom discussions (Boonkit, 2010; Ork et al., 2024). 
These factors create a need for alternatives that provide supportive, 
structured opportunities for oral practice. AI, especially conversational tools 
such as ChatGPT and Doubao, can provide alternative platforms for 
collaborative speaking practice (Charoenchotphokin, 2024). By generating 
immediate dialogues and instant feedback, AI systems allow learners to 
practice on their own. However, the effectiveness of such tools depends on 
how they are pedagogically designed by teachers. This aligns with the 
interaction of the two proposed factors of TAM by Davis et al. (1989), which 
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are perceived usefulness and perceived ease of use, regarding individuals’ 
intentions to adopt new technologies. In addition, the success of these two 
factors depends on the interaction between students and AI tools. 

 In this study, AI-supported oral performance was informed by the 
scaffolding approach (Wood et al., 1976), which considers learning as a 
gradual process supported by temporary guidance that is reduced as learners 
gain independence. By providing sentence models and vocabulary lists and 
gradually reducing prompts, ChatGPT operated as a digital scaffold within 
learners’ Zone of Proximal Development (Van de Pol et al., 2010). 

Charoenchotphokin’s (2024) findings reveal that AI-scaffolded 
interaction supported learners’ extended oral responses. Learners moved 
from depending heavily on high support for sentence models to producing 
longer and more comprehensible sentences with greater autonomy. This 
shows the concept of graduated support (Hammond & Gibbons, 2005) and 
is in line with Communicative Language Teaching practices, which support 
meaningful and task-based communication (Richards & Rodgers, 2001). 
Apart from linguistic improvement, learners showed a high degree of 
confidence and reduced anxiety. This suggests that AI-scaffolded learning can 
support both the cognitive and affective dimensions of speaking 
development. Despite some technical issues, AI played an effective role as a 
supplementary speaking partner rather than a replacement for teachers’ 
classroom instruction. As such, AI-mediated scaffolding can increase 
opportunities for oral practice and create a constructive environment that 
bolsters learners to take communicative risks in structured tasks. 

In examining EFL oral performances, this study employs Bui and 
Skehan’s (2018) Complexity, Accuracy, and Fluency (CAF) approach as well 
as Tuan’s (2012) Analytic Scoring Rubric for Speaking as the main analytical 
frameworks for assessing Thai and Chinese learners’ oral performances. 
These two selected frameworks propose that language performance can be 
improved through three interrelated dimensions: complexity, accuracy, and 
fluency. Moreover, these dimensions help develop learners’ interlanguage 
system and equip them with a better understanding of language production. 
Tuan’s (2012) rubric, in particular, was developed in response to the 
limitations of holistic scoring methods. One of its major strengths is its 
diagnostic transparency, as each construct is scored independently (Bulut, 
2022). This allows teachers and researchers to identify specific strengths and 
weaknesses more effectively rather than relying solely on a single overall 
impression. However, in speaking, the rubric only measures coherence, 
content, grammar and structure, language use, and organization, but it lacks 
fluency as a key speaking feature (Skehan, 2011). In the present study, the 
combined frameworks of Bui and Skehan (2018) and Tuan (2012) were used 
to measure the following key features of AI-scaffolded oral performances. 
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Figure 1 
 
Combined framework for AI-scaffolded oral performance rubric (Adapted from Bui & 
Skehan, 2018; Tuan, 2012) * 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Technology Acceptance Model in Oral Communication 
 

The Technology Acceptance Model (TAM) explains technology 
adoption through two key concepts: perceived usefulness (PU) and perceived 
ease of use (PEOU). Davis (1989) defined the former as the extent to which 
a system enhances performance and the latter as the degree to which it 
requires minimal effort. In technology-enhanced learning, usefulness refers 
to improvements in speaking fluency, pronunciation, confidence, and 
communicative effectiveness. Learners are unlikely to continue using 
speaking technologies such as AI conversational tools unless they perceive 
clear gains in their oral competence (Davis et al., 1989; Venkatesh & Davis, 
2000). It can be argued that perceived usefulness drives a sustained adoption. 
Perceived ease of use is also important, even though often indirectly (Davis, 
1989). Ease of use expands beyond technical simplicity since it includes 
smooth interaction, understandable feedback, and manageable cognitive load 
in speaking-focused technologies. For instance, if learners find the system 
complicated or unnatural, they may struggle to focus on communication 
itself. This results in a decline in both ease and usefulness perceptions (Davis, 
1989; Davis et al., 1989). Ease of use, in contexts where speaking anxiety is 
common, may also reduce psychological barriers to participation (Venkatesh 
& Davis, 2000). In higher education settings, particularly in English language 
teaching (ELT), past studies (e.g., Chesney, 2006; Taylor et al., 2023) have 
extended TAM with a wider range of factors that contribute to technology 
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acceptance. Apart from perceived usefulness and ease of use, other factors 
such as self-efficacy, subjective norms, perceived enjoyment, social influence, 
system quality, accessibility, anxiety, and facilitating conditions have been 
identified (Taylor et al., 2023). These factors could affect users’ decisions to 
adopt technology (Chesney, 2006; Granić, 2023). Among these newly 
proposed factors, perceived enjoyment has gained considerable attention in 
learning contexts (Chesney, 2006). In this factor, intrinsic motivation plays a 
crucial role in maintaining engagement (Davis et al., 1992; Van der Heijden, 
2004). Unlike workplace technologies that are primarily task-oriented and 
productivity-driven, educational technologies often involve emotional and 
experiential elements that enhance learners’ willingness to continue using 
them. Hence, Figure 2 below illustrates the extended TAM model.  

 
Figure 2 
 
The Extended Technology Acceptance Model (TAM) (Adapted from Chesney, 2006)*  

 
 
 

 
 
 
 
 
 
 
 
Previous studies 
 

Past studies on scaffolding and AI-supported oral performance 
provide useful observations for the current study. According to Kim and 
Hwang (2026), Korean EFL university students used more complex 
vocabulary and sentence structures when completing expository speaking 
tasks than narrative tasks. Nonetheless, participants showed weak 
grammatical accuracy, poor pronunciation, and lower fluency. These findings 
support the Limited Attentional Capacity Model, which asserts that learners 
have difficulty handling several language demands at the same time during 
speaking tasks. Their findings also highlight an important issue for AI-
mediated speaking tasks: the immediate pressure of oral communication can 
increase cognitive load.  

With reference to Van de Pol et al. (2010), effective scaffolding 
comprises three important components: contingency, fading, and transfer of 
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responsibility. That is, support should match learners’ needs, gradually reduce 
over time, and ultimately help learners become more independent. This 
framework is in line with AI-assisted learning since AI tools can supply 
temporary help that guides learners within their Zone of Proximal 
Development (Charoenchotphokin, 2024). For AI-supported oral practice, 
Chen et al. (2025) found that using ChatGPT for eight weeks could assist 
EFL learners in improving their oral proficiency regardless of their language 
level. The study also revealed that learners became less anxious about 
speaking and more willing to experiment with language. Similarly, Tam’s 
(2025) study found that AI applications such as ELSA Speak and Duolingo 
enhanced pronunciation, fluency, and confidence. However, some learners 
still experienced barriers such as robotic communication and speech-
recognition errors, which imply that AI tools are more effective as 
supplementary material rather than replacements for human teachers. 

The recent application of TAM to AI-supported speaking tools in 
ELT raises important questions about technology adoption in oral 
communication contexts. Even though TAM traditionally places perceived 
usefulness as the dominant predictor of behavioral intention, emerging 
evidence suggests that this assumption may not hold consistently in AI-
mediated speaking circumstances. For example, Shaengchart et al. (2023) 
investigated ChatGPT adoption among university students in Bangkok and 
discovered that neither perceived usefulness nor perceived ease of use 
significantly predicted actual usage. Instead, facilitating conditions and learner 
perceptions were stronger determinants. This finding directly challenges 
TAM’s primary claim that cognitive evaluations of usefulness drive adoption 
decisions. In speaking-focused AI contexts, structural and contextual support 
may override instrumental judgments, implying that the internal belief 
structure of TAM may not fully explain usage behavior. In a similar vein, 
Chen et al. (2025) found that GenAI-supported speaking practice resulted in 
measurable improvements in oral proficiency, together with reduced foreign 
language speaking anxiety and high linguistic risk-taking. These findings 
reveal that learners’ perceptions of usefulness may extend beyond task 
performance enhancement to include emotional regulation and confidence 
development. However, because TAM frames usefulness in terms of 
productivity, it may not fully capture the social and emotional aspects 
important to oral communication development. Moreover, evidence from 
Tam (2025) in Vietnamese EFL contexts further challenges the TAM 
framework. Although learners improved pronunciation, fluency, and 
confidence through AI-supported speaking tools, they expressed concerns 
about robotic AI responses and limited conversational authenticity. These 
findings suggest that perceived ease of use cannot be solely determined by 
technical simplicity. Instead, authentic interaction and communication may 
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influence sustained engagement in ways not explicitly theorized within the 
original TAM framework. Therefore, this study aims to bridge the gap by 
exploring Thai and Chinese university students’ performances and 
perceptions of the use of generative AI in oral language learning. The 
conceptual framework of scaffolding and extended TAM for this study is as 
follows. 

 
Figure 3 
 
The Conceptual Framework of Scaffolding and Extended TAM**  

 
 

 
 
 
 
 
 
 
 

 
 
 

 
 
 

 
 

Research Methodology 
 

The following section presents the research context and participants, 
research instruments, data collection, and data analysis. 

 
Research Context and Participants 

 
The aims of the study were to investigate Thai and Chinese students’ 

oral performances and to explore perceptions of the use of generative AI for 
oral communication. This study is positioned as a comparative case study, in 
which in-depth data were prioritized over statistical generalizability. The goal 
was not to produce population-level conclusions but to generate rich and 
exploratory insights into how AI scaffolding operates across two distinct EFL 
settings. Accordingly, purposive sampling was employed to select participants 
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whose contexts were representative of the phenomena under investigation. 
The study was intended to document and compare the nature of AI-
scaffolded speaking development within each context rather than to establish 
causal claims about AI’s effectiveness relative to unaided instruction. These 
design choices are inherent to the comparative case study methodology and 
should be taken into account when interpreting the findings. The research 
context of this study was situated in university-level EFL programs in 
Thailand and China. Participants were purposively recruited based on the 
following criteria: (1) they were first-year undergraduate students enrolled in 
a required EFL course, (2) they were non-English majors with no prior formal 
training in English as a specialist subject, (3) they had access to the designated 
AI platform used in their respective context (ChatGPT for Thai participants; 
Doubao for Chinese participants), and (4) they voluntarily agreed to 
participate following an informed briefing on the study’s objectives and 
procedures. These criteria ensured that participants were comparable across 
the two contexts in terms of academic level, language learning background, 
and exposure to AI-assisted learning. 
 In the Thai context, the study involved first-year undergraduate 
students enrolled in a Fundamental English course. They were between 18 
and 19 years old and attended a government university in northern Thailand. 
For the Chinese context, participants were first-year undergraduate students 
enrolled at a national “211 Project” university in Beijing, P. R. China. All 
participants were non-English majors and were taking university-level EFL 
courses as part of their first-year curriculum. In total, 10 volunteers agreed to 
participate after being informed about the AI-mediated speaking practice. 

Participants in both contexts were developing their academic English, 
particularly speaking. In both contexts, English teaching focuses on grammar 
accuracy through formative and summative assessments. This limits space for 
interactive or extended oral practice in authentic environments (Boonkit, 
2010; Ork et al., 2024). As a result, students start their university learning with 
less confidence and less experience in immediate oral communication. Even 
though institutions in both countries are adopting AI-based tools, differences 
in educational culture, technological readiness, and teaching approaches may 
influence how students adopt these technologies for oral learning. By 
focusing on first-year Thai and Chinese EFL students, the roles of generative 
AI in this study are positioned in two comparable yet culturally distinct 
academic contexts. The comparative approach allows an exploration of how 
students’ oral performances and their perceptions of AI-supported oral 
learning are shaped by their respective educational and sociocultural contexts. 
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Research Instruments 
 
Oral performance tasks were designed following the concept of 

scaffolding. The tasks consisted of providing temporary support that 
gradually decreases as learners gain competence (Wood et al., 1976). This 
approach is in line with the concept of graduated assistance, where support 
adapts to the learner’s current ability (Van de Pol et al., 2010), and is closely 
related to Vygotsky’s (1978) Zone of Proximal Development. Each speaking 
topic followed three phases. Phase one involved comprehensive support 
through sentence models and vocabulary lists generated by AI. Phase two 
then provided fewer cues with question-and-answer prompts, and phase three 
involved open-ended responses with minimal assistance to foster learner 
autonomy. All participants completed the same topic, “Travel 
Recommendation,” to ensure consistency in the data collection. To ensure 
scoring consistency, all recorded speaking performances were independently 
assessed by two trained raters: the researchers who were experienced in EFL 
speaking assessment. Both raters applied the combined analytical framework 
adapted from Bui and Skehan (2018) and Tuan (2012), evaluating each 
performance across four dimensions: fluency, vocabulary range, grammatical 
accuracy, and idea organization, each scored on a 1–5 scale based on clearly 
defined descriptors as shown in Table 1. In cases of disagreement between 
the two raters, the scores were discussed until consensus was reached. 

 
Data Collection 

 
This study employed a comparative mixed-methods design to 

examine the oral performances of ten Thai (N=5) and Chinese (N=5) first-
year EFL students and to explore their perceptions regarding the use of 
generative AI for oral language learning. This research project received 
ethical approval from one of the researchers’ university research ethics 
committees (Approval No. 009/68).   

Prior to the data collection process, the research objectives and 
instruments were explained to the participants. Additionally, the consent 
form was explained to all participants, and they were then asked to sign it to 
confirm their agreement to participate in all data collection procedures. They 
were also allowed to withdraw from the study at any time.  

For data collection, two primary research instruments were used. 
The first instrument consisted of three scaffolded speaking tasks conducted 
through generative AI platforms (ChatGPT for Thai EFL students and 
Doubao for Chinese EFL students). The tasks were structured in three 
phases: high support, medium support (guided elaboration), and low support 
(independent performance), to promote increasingly autonomous oral 
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production while ensuring procedural consistency across the two contexts. 
All participants were trained to follow the scaffolding process and were pre-
tested using a general speaking topic. One limitation worth addressing is that 
the two groups used different AI platforms. This difference was not a random 
choice but was based on practical and ethical reasons: ChatGPT is the most 
widely used and institutionally supported AI tool in Thailand, while Doubao 
serves the same role in China, where ChatGPT is blocked. Requesting 
Chinese participants to use ChatGPT would have been both unfair and 
unrealistic given these access restrictions. It is also important to clarify how 
the AI tools were used in this study. Neither ChatGPT nor Doubao was used 
to evaluate or score the learners’ speaking performance. Both platforms 
served only as chatbot tools to provide speaking support through structured 
prompts. All speaking assessments were carried out by human raters using a 
standard scoring rubric. To reduce the impact of platform differences on the 
results, the same prompts were given to both groups at every stage of the 
task. By keeping the prompts consistent, the study aimed to ensure that both 
groups received essentially the same type of scaffolding support, even though 
they used different platforms. The use of different platforms should therefore 
be considered as a practical constraint shaped by the research context, not as 
a flaw in the study design. Any differences found between the two groups in 
speaking performance should be interpreted with this in mind. The second 
instrument was a structured questionnaire adapted from studies by Chen et 
al. (2025); Chesney (2006); Davis (1989); Davis et al. (1989); Shaengchart et 
al. (2023); Tam (2025); Taylor et al. (2023); and Venkatesh and Davis (2000) 
and grounded in TAM and its extensions. The instrument assessed 
constructs such as perceived usefulness (8 items), perceived ease of use (5 
items), attitude and perceived enjoyment (5 items), output quality and result 
demonstrability (4 items), social influence and facilitating conditions (4 items), 
and behavioral intention (3 items). It included five-point Likert-scale items 
as well as three open-ended questions to capture both quantitative 
evaluations and qualitative reflections from the participants. All participants 
were asked to complete the questionnaire after completing the AI-scaffolded 
tasks. Before administration, the questionnaire was tested for content validity 
by two experts in English Language Teaching (ELT). Each expert 
independently evaluated the relevance and appropriateness of each item to its 
corresponding construct using the Index of Item-Objective Congruence 
(IOC). Items with IOC values below 0.50 were revised or removed in line 
with suggestions. Following expert review, the questionnaire was piloted with 
a small group of EFL students not included in the main study to identify any 
ambiguous wording or technical difficulties prior to full administration. 
Internal consistency reliability was then assessed using Cronbach’s Alpha, 
which yielded a coefficient of .925, indicating excellent reliability. 
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Data Analysis 
 
Data analysis was aligned with the study’s research design and 

extended Technology Acceptance Model (TAM) framework. To answer the 
first research question, scaffolded speaking transcripts were analyzed using 
thematic analysis (Braun & Clarke, 2006). Inductive coding was applied to 
identify recurring themes from scaffolded speaking transcripts. Speaking data 
were examined for evidence of fluency, grammatical complexity, vocabulary 
use, and idea organization across the three scaffolding phases. These four 
dimensions were operationalized using criteria adapted from Bui and Skehan 
(2018) and Tuan (2012). In addition, comparative coding was used to reveal 
the similarities and differences between Thai and Chinese participants. To 
strengthen credibility, member checking was conducted by sharing thematic 
summaries with selected participants to confirm interpretive accuracy. The 
detailed analysis of the whole dataset was summarized in Table 1. 

 
Table 1  
 
Dimensional Mapping for Data Analysis Adapted from Bui and Skehan (2018) and 
Tuan (2012) 
 

Dimensional Mapping for Data Analysis 

Analytical Category Bui and Skehan 
(2018) Dimension 

Tuan (2012) 
Dimension 

Combined 
Operationalization 

Hesitation/Fluency Fluency- 
theoretical basis; 
explains processing 
load and 
automaticity 

N/A Pause-per-word 
ratio; filled pause 
count; location of 
pauses; scored 1-5 

Vocabulary Range Complexity 
(lexical)- type-token 
ratio; domain-
specific word use 

Vocabulary (20 
pts)- range, 
precision, register 
appropriateness 

TTR; presence of 
specialized lexis; 
absence of vague 
hedges; scored 1-5 

Grammatical 
Accuracy 

Accuracy- error-
free clause ratio; 
error density 

Language Use 
(25 pts)- 
agreement, tense, 
word order 

EFC ratio; error 
type taxonomy; 
scored 1-5 mapped 
to Tuan’s 
descriptors 

Idea Organization 
 

Complexity- 
discourse-level 
elaboration and 
structural ambition 

Organization 
(20 pts)- 
sequencing,  
cohesion, 
opening/closing 

Rhetorical structure; 
discourse markers; 
detail specificity; 
scored 1-5 

Complexity- idea 
elaboration as 
linguistic ambition 

Content (30 pts)- 
relevance, depth, 

Number of 
supporting points; 
specificity of 
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Dimensional Mapping for Data Analysis 

Analytical Category Bui and Skehan 
(2018) Dimension 

Tuan (2012) 
Dimension 

Combined 
Operationalization 

substantive 
development 

evidence; 
elaboration depth 

 
To answer the second research question, descriptive statistics (e.g., 

means and standard deviations) from the questionnaire were calculated to 
identify overall perception patterns among Thai and Chinese students across 
the key constructs of perceived usefulness, perceived ease of use, attitude and 
perceived enjoyment, output quality and result demonstrability, social 
influence and facilitating conditions, and behavioral intention. The five-point 
Likert scale was interpreted as follows: totally agree (4.20-5.00), agree (3.40-
4.19), neutral (2.60-3.39), disagree (1.80-2.59), and totally disagree (1.00-1.79). 
Qualitative data from the open-ended questions were conceptually coded into 
the themes of AI benefits, challenges, and human replacement. The coding 
was rechecked by two experts in applied linguistics, and the inter-rater 
agreement reached 90%. Finally, the quantitative and qualitative findings were 
triangulated to provide a comprehensive understanding of students’ 
performance and perceptions of AI-scaffolded oral language learning across 
the two contexts (Denzin, 2006).  

 
Findings 

 
This section reports the findings, which are divided into two main 

parts. The first part presents the English oral performances of Thai and 
Chinese EFL students, which were scaffolded using AI tools, to answer the 
first research question. The second part demonstrates the findings collected 
from the extended TAM questionnaire to answer the second research 
question. 
 
AI-Scaffolded Oral Performance of Thai and Chinese EFL Students 

 
This part reports a comparative analysis of the oral performances of 

ten Thai and Chinese EFL learners (five from each group) on a “travel 
recommendation task.” For the five Thai learners, the self-reported CEFR 
levels from Student 1 to Student 5 were A2, B1, B1, A2, and A1, respectively. 
For the five Chinese learners, their CEFR levels were B1, B2, C1, B2, and A2, 
respectively. Each learner’s oral performance was assessed across four 
dimensions: fluency, vocabulary range, grammatical complexity, and idea 
organization based on Bui and Skehan’s (2018) Complexity-Accuracy-
Fluency (CAF) model and Tuan’s (2012) Analytic Scoring Rubric for 
Speaking. 
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High AI Scaffolding Environment (Phase 1) 
 
Figure 4 
 
Pre-Test vs. Phase 1 Oral Performance of Thai EFL Students by Dimension*** 

 
 
 
 
 
 
 

 
 
 
Figure 4 illustrates that high AI support with sentence models and 

vocabulary lists helped improve learners’ oral performance. Responses 
became more comprehensive, well-composed, and employed a wider 
vocabulary range, with learners merging cultural and factual information 
more effectively. Nonetheless, personal patterns varied considerably. Students 
1, 2, 3, and 5 engaged naturally with the AI input, incorporating it 
meaningfully into their own oral responses. The persistence of spoken 
disfluency markers in Student 1’s Phase 1 output (“Um,” “ah’” “Umm,” and 
“uh”) paradoxically shows that the elaborated information was being actively 
processed and orally produced rather than read from a script. Student 4 
showed an opposite pattern, with incomplete, error-laden prompts, e.g., 
“What’s make this place special,” “We can do activity, crying, swimming,” where the 
language was supplied entirely by the AI and confirmed with minimal 
engagement (“yeb”). This reflects a key design challenge in which high support 
conditions must be structured to encourage independent thinking, not passive 
reliance on AI-generated text. Regarding grammatical accuracy, participants 
showed no improvement. For instance, Student 3 generated rich descriptions 
in Phase 1 but maintained the same non-standard structures from pre-test: 
“It’s have,” “there have the cool cafe,” and “you can like explore.” Student 5, with the 
most grammatically accurate performance at pre-test, produced new non-
standard constructions in Phase 1 (“It’s have a mountain” and “If you love to 
relaxing”), possibly because of the more spontaneous production conditions.  
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Figure 5 
 
Pre-Test vs. Phase 1 Oral Performance of Chinese EFL Students by Dimension*** 

 
 
 

 
 
 
 
 
 

 
High AI support in Figure 5 reveals strongly facilitative effects among 

five EFL Chinese learners. Fluency and idea organization showed the most 
consistent developments. Three patterns are particularly evident. First, the 
most considerable developments were found among learners with the 
weakest pre-test. Student 1’s oral performance increased across three criteria 
from 1 to 4 in terms of fluency, vocabulary range, and idea organization. This 
means that B2-level AI-scaffolding functions as an effective interactional 
resource. The integration of culturally specific references and evaluative 
framing, e.g., “I strongly recommend you to pay a visit to Chengdu, one of the most 
charming cities in southwest China,” illustrates how AI-generated input can widen 
the communicative capacity of lower-proficiency learners. Second, Student 2 
reveals an important finding. Although the student improved idea 
organization and vocabulary range, the evaluation and personal voice evident 
in the pre-test, such as “What I love most about Chengdu is how it mixes traditional 
culture with modern life,” became less clear under high AI support conditions. 
For higher-proficiency learners, extensive model language may restrain rather 
than bolster independent rhetorical expression. Third, grammatical accuracy 
did not show improvement across learners. To illustrate, Student 5’s grammar 
scores decreased from 4 to 3. This pattern illustrates that content-related and 
lexical scaffolding does not necessarily transfer to morphosyntactic 
improvement. Even when learner outputs become more developed and 
structurally organized, non-standard grammatical forms continue to appear. 
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Medium AI Scaffolding Environment (Phase 2) 
 

Figure 6 
 
Pre-Test vs. Phase 2 Oral Performance of Thai EFL Students by Dimension*** 

 
 
 
 
 
 
 
 

 
In Figure 6, the most noticeable finding was on Student 4, whose pre-

test demonstrated substantial reproduction of AI-generated text with less 
personal contribution. The structured Q&A format required active language 
formulation, producing this student’s most grammatically accurate and 
organizationally coherent performance, with gains across all measured 
criteria. Next, Student 1 similarly yielded meaningful improvements across all 
four criteria, with a shift from a single non-standard clause to a multi-point, 
coherently organized suggestion. This shows that Q&A AI-scaffolding 
successfully elicited content knowledge not evident at the pre-test. Student 2 
made steady progress, consistently covering the topic. However, the 
transactional format seemed to limit the depth of their rhetorical analysis and 
the range of vocabulary used in the pre-test. Student 3’s grammatical challenges 
remained the most consistent pattern, with non-standard constructions such 
as “I enjoy to go,” “it’s very hit the different,” and “we not speak in the same language 
much.” This issue persisted across both support conditions despite authentic 
content knowledge and cultural engagement. Student 5’s shift from a formally 
structured monologue to a personal anecdote reveals that when AI support 
takes the form of open-ended questions rather than model language, higher-
proficiency learners may default to informal production over the audience-
directed register appropriate to the genre. This indicates that even stronger 
learners may benefit from register reminders when direct linguistic modelling 
is reduced. 
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Figure 7 
 
Pre-Test vs. Phase 2 Oral Performance of Chinese EFL Students by Dimension*** 

 
 
 

 
 
 
 
 
 
 

 
In Figure 7, three patterns among the Chinese EFL learners were 

observed. First, idea organization showed the most consistent gains, with all 
five learners improving to a score of 3 in Phase 2. This pattern reflects the 
organizational scaffolding embedded in the Q&A AI interaction format, 
which requires learners to produce topically focused and sequential 
responses. In contrast to the pre-test, the structured interaction appeared to 
activate organizational capacities. Second, the most distinctive finding was 
found in Student 4, whose pre-test showed minimal independent production 
and limited development across all criteria. Because the Q&A format required 
active language formulation without the support of model language, the 
student achieved the highest fluency and vocabulary range scores (4) recorded 
across all conditions. The ability to organize budget advice (“For a student with 
500 RMB a day, here’s a way to split”), providing seasonal guidance and culturally 
embedded recommendations, reveals a substantial difference from the pre-
test. Third, Student 3 reveals an important finding regarding content breadth. 
Although idea organization improved in Phase 2, fluency scores dropped 
slightly from 4 to 3, indicating that the Q&A format may constrain the 
extended topical development achievable in self-organized monologues. For 
learners with higher pre-test content scores, medium-support conditions may 
therefore trade content breadth for organizational coherence. Finally, 
grammatical complexity remained largely stable across learners at the score of 
3, while Student 5 declined slightly from 4 to 3. Consistent with Phase 1, 
neither high nor medium AI support produced sustained morphosyntactic 
improvement. This confirms that content-level scaffolding does not 
automatically facilitate grammatical development. 
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Low AI Scaffolding Environment (Phase 3) 
 

Figure 8 
 
Pre-Test vs. Phase 3 Oral Performance of Thai EFL Students by Dimension*** 
 
 
 
 
 
 
 
 
 
 

According to Figure 8, the greatest improvement was found in Student 
2, who moved from a low pre-test response to fully organized content, an 
audience-oriented monologue produced without AI-question scaffolding. 
Furthermore, Student 1 similarly demonstrated a clear autonomous 
improvement in generating a coherent seven-topic recommendation 
compared to the single-clause pre-test. For example, “The cost is not too 
expensive,” “so it’s good for students.” Student 3 presents the most theoretically 
important finding. Despite high fluency in culturally embedded stories (“I 
blessed something to that old palace, and it’s come true”) and vivid descriptions (“It’s 
crispy outside. The smell is running on my nose”), morphosyntactic accuracy 
remained the same across all three phases. Errors such as “The best activity that 
I was go” and “I’m really enjoy seeing” existed across the three-phase support 
conditions. Next, Student 4, having demonstrated greater independence in 
Phase 2, reverted to AI-elicitation strategies under low support by responding 
with questions (“Do you know Klong Lan waterfall?”) rather than delivering an 
independent monologue. This could suggest that the structure of the 
interaction format, rather than the quantity of support, is a critical variable, 
and that removing structural scaffolding without adequate preparation may 
increase rather than reduce AI dependence. Lastly, Student 5’s response shows 
communicative creativity under the low support phase. The audience-
segmentation strategy (“If you want introvert vibe… if you wanna party”) represents 
an organizational innovation absent from all the previous phases. This 
suggests that reduced AI support may create space for the student’s creativity 
and communicative style.  
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Figure 9 
 
Pre-Test vs. Phase 3 Oral Performance of Chinese EFL Students by Dimension*** 
 

 
 
 
 
 
 
 
 

 
 
In Figure 9, four main patterns across the Chinese EFL learners can 

be identified. First, all five Chinese learners maintained or improved their pre-
test scores in at least three dimensions during Phase 3. This indicates that 
repeated exposure to AI-assisted interaction across the two earlier phases 
helps learners develop and retain communicative resources. In addition, for 
Student 1, the limited pre-test production developed into a coherent, multi-
topic, audience-oriented monologue in Phase 3, produced without structural 
guidance. This demonstrates a clear transfer of previously supported speaking 
skills into a more independent performance. Next, idea organization shows 
the most consistent improvement across the learners, with Students 1, 2, 3, and 
4 achieving scores of 3 or higher. This could suggest that repeated experience 
with structured interaction, particularly the Q&A AI format in Phase 2, helps 
these learners develop organizational patterns that they were later able to use 
independently in Phase 3. Third, Student 3 produced the most noticeable 
performance in this condition, achieving a score of 4 across all four 
dimensions. As the only participant to receive a grammar score of 4 in Phase 
3, Student 3 differed from the broader pattern of limited grammatical 
development observed in Phases 1 and 2. This finding illustrates that reduced 
mediation, as well as accumulated experience from earlier phases, may have 
allowed the learner’s existing grammatical knowledge to emerge more fully 
during independent speaking. Finally, Student 5 presents an important 
exception. Unlike the other participants, this student showed a slight decline 
in content and no improvement in idea organization. This means that low-
support conditions may not benefit all learners equally. For learners who rely 
more heavily on structured guidance, reducing support may limit the breadth 
and coherence of their spoken outputs.  

The following section discusses the findings related to both Thai and 
Chinese students’ AI-scaffolded oral performances. 
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Thai Students’ AI-Scaffolded Oral Performances 
 
Figure 10 
 
Mean Scores of Thai EFL Students across Three Support Conditions*** 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 

As shown in Figure 10, AI-supported oral tasks generally helped Thai 
EFL learners perform better, though the benefits differed across learners and 
conditions. The most consistent pattern was the gap between fluency and 
grammatical accuracy. All five learners showed improvement in fluency, 
vocabulary range, or idea organization across at least one phase. However, 
grammatical progress was limited and inconsistent, and in some cases—such 
as Student 3—absent across all conditions. This suggests that content-level 
scaffolding alone is insufficient to drive morphosyntactic development. 
Support format also proved more consequential than support quantity. For 
example, Student 4’s performance trajectory suggests that the structured 
question prompts in Phase 2 were more facilitative than either the extensive 
model language of Phase 1 or the minimal instruction of Phase 3. This 
suggests that interaction structure may be a more decisive factor than the 
amount of support provided. However, Students 1 and 2 showed evidence of 
cumulative scaffolding internalization, maintaining or improving Phase 1 
performance levels as support was progressively reduced. Also, Student 2 
achieved peak performance in Phase 3 without any AI prompting. Finally, 
Student 5’s Phase 3 output reveals that low support conditions may create 
space for communicative creativity and individual voice. Rather than limiting 
performance, the withdrawal of direct linguistic modelling appeared to 
encourage more personally expressive oral production. This implies that the 
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sequencing of support reduction is important in AI-assisted speaking 
pedagogy. 

 
Chinese Students’ AI-Scaffolded Oral Performances 
 
Figure 11 
 
Mean Scores of Chinese EFL Students across Three Support Conditions*** 
 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 
It is evident in Figure 11 that the three-phase data reveal four 

important patterns among Chinese EFL learners. First, Students 1 to 4 
maintained or improved their Phase 1 scores by Phase 3, showing that 
repeated interactions across phases help learners carry communicative skills 
into more independent speaking. This pattern is vividly observed in Students 
2 and 3, both of whom achieved their highest mean scores (4.00) in Phase 3 
without structural support. Second, Student 4’s progression illustrates the 
importance of interaction structure over the amount of support provided. 
While Phase 1 was the weakest condition for this learner, Phase 2 marked a 
clear improvement. The structured Q&A format encouraged active 
reformulation (“If you only have half a day, definitely go for the rickshaw tour in the 
hutongs”) in ways that the heavily modeled language of Phase 1 did not. Next, 
grammatical complexity remained stable at 3 for most participants across all 
three phases. This reflects the continued separation between content 
development and grammatical control. The only exception was found in 
Student 3, whose grammar score increased to 4 in Phase 3. Notably, this 
occurred under the condition with the least linguistic support, which suggests 
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that extensive content-level guidance may sometimes limit morphosyntactic 
development for certain learners. Finally, Student 5 showed a different pattern 
from Students 2 and 3, with performance declining as support was reduced. 
This finding indicates that lower levels of support do not benefit all learners 
equally. For students who rely more heavily on structured guidance, the 
gradual removal of support may restrict them rather than strengthen their 
communicative performance. 

To address the second research question, this section reports on 
participants’ demographics, questionnaire results, and open-ended responses. 
 
Participants’ Demographics 
 

Among the five Thai participants, three were aged 20–22, while two 
were between 17 and 19 years old. Among Chinese learners, three were aged 
17–19 and two were aged 20–22. Regarding English proficiency, Thai 
participants self-reported levels ranging from A1 to B1, including one learner 
at A1, two at A2, and two at B1. By comparison, the Chinese learners showed 
slightly higher proficiency levels, with three participants at B1, one at B2, and 
one at C1. Hence, the Chinese learners seemed to perceive themselves as 
having slightly stronger English proficiency than the Thai learners. 

Regarding AI tool usage, Thai learners reported using between one 
and three AI tools in their daily lives. ChatGPT was the most frequently used 
platform, followed by Gemini and Claude. In contrast, Chinese learners 
reported using between two and four AI tools, primarily domestically 
developed platforms such as Doubao, DeepSeek, YuanBao, and Kimi. 
Regarding the purposes of use, Thai learners mainly perceived AI as a means 
of personalized learning support and language skill development, with one 
participant emphasizing its role in reducing learning anxiety. However, 
Chinese learners emphasized efficiency enhancement alongside personalized 
learning and language improvement, revealing a more productivity-oriented 
approach to AI use. 
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Questionnaire Results on Perceptions towards AI Tools Use 
 
Table 2 
 
Mean Scores and Standard Deviations of Thai (n = 5) and Chinese (n = 5) EFL 
Learners’ Perceptions of AI Tools 
 

Item Thai EFL 
Learners (n = 5) 

Chinese EFL 
Learners (n = 5) 

M SD M SD 

Part 1: Perceived Usefulness 
1. Overall speaking improvement 4.60 0.49 4.20 0.40 
2. Learning productivity 4.20 0.75 4.60 0.49 
3. Communicative effectiveness 3.80 0.75 3.60 0.49 
4. General study usefulness 4.20 0.40 4.80 0.40 
5. Vocabulary enhancement 4.20 0.75 4.40 0.49 
6. Fluency improvement 3.80 0.75 2.60 0.49 
7. Pronunciation correction 4.00 0.63 3.40 1.20 
8. Grammar complexity improvement 4.00 0.63 3.80 0.75 

Section Mean 4.10 0.70 3.92 0.93 

Part 2: Perceived Ease of Use 

9. Clarity of interaction 3.80 0.75 4.00 1.10 
10. Tool controllability 4.40 0.49 3.60 0.49 
11. Ease of operation 4.50 0.50 4.40 0.80 
12. Advantage over traditional methods 4.20 0.75 4.60 0.80 
13. Low mental effort required 4.20 0.75 4.40 0.80 

Section Mean 4.21 0.71 4.20 0.89 

Part 3: Attitude & Enjoyment 

14. Enjoyment of use 3.80 0.75 4.20 0.75 
15. Interest in AI-generated content 4.00 1.10 4.40 0.49 
16. Motivation for speaking practice 3.60 1.02 3.00 0.63 
17. Reduced speaking anxiety 3.80 0.75 3.60 1.20 
18. Stress-free practice environment 4.00 0.89 3.80 1.17 

Section Mean 3.84 0.92 3.80 1.02 

Part 4: Output Quality & Result Demonstrability 

19. Quality of feedback 4.00 0.63 4.40 0.49 
20. Apparent learning outcomes 4.20 0.40 3.40 0.49 
21. Communicability of benefits 4.00 0.63 4.20 0.40 
22. Naturalness of AI voice/interaction 3.80 0.75 3.20 0.75 

Section Mean 4.00 0.63 3.80 0.75 

Part 5: Social Influence & Facilitating Conditions 

23. Encouragement from significant 
others 

3.60 0.80 3.80 0.75 

24. Peer image/status enhancement 4.20 0.40 2.80 0.40 
25. Resource availability 4.00 0.63 4.40 0.80 
26. Data privacy security 3.80 0.75 2.80 1.17 

Section Mean 3.90 0.70 3.45 1.07 

Part 6: Behavioral Intention 
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Item Thai EFL 
Learners (n = 5) 

Chinese EFL 
Learners (n = 5) 

M SD M SD 

27. Future use intention 3.80 0.75 3.80 0.40 
28. Predicted frequency of use 4.20 0.75 4.40 0.80 
29. Recommendation to others 4.20 0.75 3.80 0.40 

Section Mean 4.07 0.77 4.00 0.63 

Overall Mean 4.03 0.75 3.88 0.94 

 
Both groups of learners appeared to illustrate positive attitudes 

toward AI-assisted English-speaking practice across all questionnaire items. 
Thai learners reported a slightly higher overall mean score (M = 4.03, SD = 
0.75) than Chinese learners (M = 3.88, SD = 0.94), though given the small 
sample size, this difference should be interpreted as a descriptive tendency 
rather than a definitive cross-group distinction. 

Regarding perceived usefulness, the Thai group tended to show a 
higher mean (M = 4.10) than the Chinese learners (M = 3.92). Fluency 
improvement (Item 6: M = 3.80 vs. 2.60) and pronunciation correction (Item 
7: M = 4.00 vs. 3.40) were rated more positively by Thai learners, suggesting 
they may have perceived AI tools as particularly beneficial for oral 
improvement. However, Chinese learners rated general study usefulness 
(Item 4: M = 4.80 vs. 4.20) and learning productivity (Item 2: M = 4.60 vs. 
4.20) more highly than the Thai group, possibly indicating a tendency to view 
AI primarily as a broader academic support tool. 

In terms of the perceived ease of use, both groups reported almost 
similar section means (Thai: M = 4.21; Chinese: M = 4.20), suggesting 
comparably positive perceptions of AI ease of use. Thai learners appeared to 
rate greater ease in controlling AI tools to achieve desired outputs (Item 10: 
M = 4.40 vs. 3.60), whereas Chinese learners rated the advantages over 
traditional methods (Item 12: M = 4.60 vs. 4.20) and low mental effort (Item 
13: M = 4.40 vs. 4.20) slightly higher than the Thai group. 

For attitude and enjoyment, Thai learners rated motivation for 
speaking practice (Item 16: M = 3.60 vs. 3.00) and stress-free practice 
environments provided by AI tools (Item 18: M = 4.00 vs. 3.80) more 
positively than the Chinese group, possibly suggesting a tendency toward 
stronger affective support from AI interaction. However, Chinese learners 
appeared to report greater enjoyment (Item 14: M = 4.20 vs. 3.80) and found 
AI-generated content more interesting (Item 15: M = 4.40 vs. 4.00) than the 
Thai group. 

Regarding output quality and result demonstrability, Thai learners 
tended to evaluate learning visibility (Item 20: M = 4.20 vs. 3.40) and 
interaction naturalness (Item 22: M = 3.80 vs. 3.20) more positively, while 
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Chinese learners rated feedback quality slightly higher (Item 19: M = 4.40 vs. 
4.00) than the Thai group. 

The most notable descriptive difference between the two groups was 
observed in social influence and facilitating conditions (Thai: M = 3.90; 
Chinese: M = 3.45). Thai learners appeared to show higher perceptions of 
peer status enhancement (Item 24: M = 4.20 vs. 2.80) and stronger confidence 
in data privacy (Item 26: M = 3.80 vs. 2.80) than the Chinese group. 
Nonetheless, Chinese learners rated resource availability slightly higher (Item 
25: M = 4.40 vs. 4.00) than the Thai group. 

Finally, both groups appeared to report positive behavioral intentions 
toward future AI use. Chinese learners tended to report slightly higher 
predicted frequency of future use (Item 28: M = 4.40 vs. 4.20), whereas Thai 
learners expressed stronger recommendation intentions (Item 29: M = 4.20 
vs. 3.80). 
 
Open-Ended Responses 
 

The open-ended section invited all learners to reflect on three main 
issues: (1) the most helpful AI features for speaking development, (2) 
difficulties encountered, and (3) replaceability of human teachers. 

 
Most Helpful AI Features 

 
Participants from both contexts identified instant feedback and 

constant accessibility as the most valuable features of AI-assisted speaking 
practice. Thai learners particularly highlighted AI’s ability to identify and 
correct errors in real time. For example, Thai Student 2 stated, “AI know what 
I’m saying when I speak wrong and fix my word.” Similarly, Thai Student 5 further 
supported using ChatGPT to prepare for classroom presentations: “That helps 
about grammar and some words is wrong.” Chinese participants expressed similar 
views but often provided more detailed reflections on conversational support 
and language development. Chinese Student 1 highlighted the AI’s interactive 
capacity: “It can practice oral English with me anytime and keep me speaking by asking 
questions.” Chinese Student 2 further emphasized vocabulary support, 
describing how AI could “provide me large amount of vocabulary that I can use in my 
speaking.” Chinese Student 3 also pointed to the breadth and evolving nature 
of AI knowledge, noting that it “… can provide assistance at any time, with its 
functions continuously updated and evolving.” Therefore, both Thai and Chinese 
learners praised AI not only for cognitive support such as grammar, 
pronunciation, and vocabulary improvement, but also for motivational 
benefits including instant feedback, flexible access, and sustained speaking 
practice. 
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Difficulties Encountered 
 
The most frequently reported difficulty was the robotic quality of AI-

generated speech. This was evident among Thai learners regarding unnatural 
voice and unclear pronunciation. Thai Student 1 explained that “the tone is too 
robotic, and the pronunciation may not be clear,” while Thai Student 4 summarized 
the issue simply as “Robot voice.” Another barrier involved pronunciation 
recognition. Thai Student 5 described how communication sometimes failed 
because the AI could not understand non-native pronunciation: “My talk is 
not good and GPT don’t understand and answer me wrong topic.” Similarly, this aspect 
was also observed in Chinese Student 2’s response, “Misunderstood 
pronunciation.” These responses suggest limitations in AI speech-recognition 
systems when processing different English accents. In addition, Chinese 
participants identified limitations related to contextual understanding and 
natural conversations. Chinese Student 1 noted that AI “sometimes forgets what we 
talked about before,” reducing the sense of authentic interaction. Chinese Student 
3 further argued that AI struggled with metaphorical language and remained 
“rigid” in communication. In sum, these findings indicate that although AI 
supports speaking practice effectively, limitations remain in natural voice, 
contextual memory, and pragmatic understanding. 

 
Replaceability of Human Teachers 

 
All participants from both contexts rejected the idea that AI could 

fully replace human teachers. Thai learners mainly emphasized the emotional 
and relational dimensions of teaching. Thai Student 1 argued that “AI lacks 
emotions and feelings,” while Thai Student 2 stated directly, “AI can’t teach emotion.” 
Additionally, Thai Student 5 noted the importance of human empathy, 
explaining that “teachers can recognise students’ feelings in ways AI cannot.” Chinese 
learners, in contrast, highlighted pedagogical expertise and personalised 
guidance. Chinese Student 4 explained that effective AI use requires strong 
learner autonomy and that students still need “a human teacher to provide some 
guidance.” Chinese Student 1 similarly argued that teachers provide “more targeted 
guidance to improve my speaking.” Chinese Student 2 added that teachers help 
learners speak more naturally and contextually, offering “more practical advice.” 
Overall, both groups viewed AI as a valuable supplementary tool rather than 
a replacement for human instruction. 
 

Discussion 
 

From Phases 1–3, it can be concluded that AI scaffolding can enhance 
EFL oral performance, although the outcomes differed across learners and 
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contexts. Overall, both Thai and Chinese learners showed high gains in 
vocabulary use and idea organization, especially during high support (Phase 
1) and Q&A support (Phase 2). The findings from this study support earlier 
studies in that AI-assisted interaction helps learners produce longer and more 
organized oral responses (Charoenchotphokin, 2024; Chen et al., 2025; Tam, 
2025). Moreover, the findings also echo Hammond and Gibbons’ (2005) idea 
of graduated support, where assistance is gradually reduced as learners 
become more independent. 

Interestingly, the type of interaction mattered more than the amount of 
support. Both Thai Student 4 and Chinese Student 4 performed best during 
Phase 2, where the AI tools provided guiding questions instead of giving 
ready-made model answers. This supports Van de Pol et al.’s (2010) 
scaffolding framework, especially the ideas of fading support and transferring 
responsibility to learners. The Q&A format encouraged students to actively 
create their own language patterns rather than rely on AI-generated 
responses. This also aligns with Kim and Hwang’s (2026) study, which found 
that different task types create different levels of cognitive demand during 
speaking. Although learners produced richer content and better organization, 
grammar development remained unchanged across all phases. This finding 
supports Bui and Skehan’s (2018) argument that speaking development often 
improves more in fluency and complexity than in accuracy. Thai Student 3, for 
example, gave rich responses but continued to use non-standard 
constructions in speech. Similar findings were reported by Tam (2025), who 
found improvements in fluency and confidence but continued grammatical 
problems. These results suggest that AI works better as a speaking practice 
partner than as a grammar trainer. Therefore, grammar-focused instruction 
by teachers is still necessary alongside AI-supported speaking tasks. 

Phase 3 showed mixed findings. Some learners, including Thai Students 
1 and 2 and Chinese Students 1 to 3, became more independent and creative in 
their responses. This reflects Wood et al.’s (1976) idea that the goal of 
scaffolding is learner independence. Chen et al. (2025) also found that AI-
supported speaking practice increased learners’ willingness to experiment 
with language over time. Chinese Student 3 showed this clearly by gaining the 
highest grammar score in Phase 3 despite receiving the least support. On the 
other hand, some learners struggled when support was removed. For 
example, in Phase 3, Thai Student 4 relied heavily on AI prompts again, while 
Chinese Student 5’s overall performance declined. These results support Van 
de Pol et al.’s (2010) principle of contingency, in that scaffolding should 
match learners’ readiness levels. Lower-proficiency learners may need more 
gradual support reduction to maintain oral performance. Although Chinese 
learners generally started with higher proficiency levels than Thai learners, 
both groups showed similar patterns of development across the three phases. 
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Thai learners used ChatGPT, while Chinese learners used Doubao, but both 
platforms produced similar speaking outcomes. However, Thai learners 
focused more on real-time speaking correction, while Chinese learners 
emphasized efficiency and broader academic support. This suggests that 
learners’ cultural and educational backgrounds may influence how they use 
AI tools in language learning contexts. These findings suggest that AI should 
be understood not just as a tool that delivers practice activities, but as an 
interactive environment where learners actively shape their own language use. 
In addition, using AI for speaking practice requires learners to monitor and 
manage their own learning process more actively. This suggests that AI-
mediated practice does more than build language skills since it also develops 
learner autonomy, meaning the ability to take charge of one’s own learning.  

The findings from the TAM questionnaire showed positive perceptions 
of AI-assisted speaking practice. Thai learners reported a slightly higher 
overall mean score (4.03) than Chinese learners (3.88), which suggests that 
both groups considered AI useful and easy to use for oral English learning. 
These findings support earlier research (e.g., Davis, 1989; Granić, 2023) in 
that usefulness and ease of use strongly influence technology adoption in 
education contexts. Furthermore, Thai learners rated AI as a tool for 
improving speaking skills such as fluency and pronunciation, while Chinese 
learners rated AI more highly for general academic productivity. This 
difference may be related to the Thai learners’ lower English proficiency and 
stronger need for speaking practice. Chinese learners, meanwhile, appeared 
to see AI as a normal part of academic study, which may reflect broader digital 
education practices in China (Zou et al., 2022).  

Both groups rated AI as easy to use, but qualitative responses showed 
some similar concerns. Learners mentioned robotic AI communication, 
unnatural pronunciation, and limited authentic conversation. These findings 
agree with Tam’s (2025) study on robotic interaction and speech-recognition 
problems as common limitations of AI speaking tools. The findings suggest 
that ease of use in speaking contexts extends to how natural and meaningful 
the interaction feels. Learners also reflected that AI reduced speaking anxiety 
and created a less stressful practice environment. This supports past studies 
showing that lower anxiety encourages oral participation in EFL settings 
(Boonkit, 2010; Ork et al., 2024). However, motivation scores were lower 
than usefulness scores, especially among Chinese learners, suggesting that 
students found AI practical rather than highly enjoyable. Finally, learners 
from both groups rejected the idea that AI could replace human teachers. 
Thai learners emphasized emotional support and human connection, while 
Chinese learners emphasized teachers’ expertise and personalized guidance. 
These findings reinforce the idea that AI should be used as a supportive 
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learning tool rather than a substitute for human instruction 
(Charoenchotphokin, 2024; Huang et al., 2022; Tam, 2025). 
 

Pedagogical Implications, Limitations and Recommendations 
 
Three practical implications can be identified for EFL teachers. First, 

AI tools work better when built into a structured, step-by-step speaking task 
rather than left as an optional add-on. Designing tasks that gradually transfer 
responsibility back to learners aligns with how scaffolding is intended to 
work. Second, how AI interacts with learners matters more than how much 
help it gives. When students are asked to respond to questions rather than 
copy or confirm AI-generated sentences, they speak more independently and 
produce richer language. Therefore, teachers should design prompts that 
push learners to create their own responses. Third, while AI helps learners 
speak more fluently and build vocabulary, it does not improve grammar on 
its own, as reflected in the findings. Therefore, teachers still need to give 
targeted grammar feedback alongside AI practice. A combined approach 
where AI provides extra speaking time and teachers focus on accuracy works 
best.  

However, this study has some limitations that should be acknowledged 
for future studies. The study involved only ten participants from the two 
contexts, so the patterns observed may reflect individual experiences rather 
than broader trends, and any generalizations drawn from this exploratory 
sample should therefore be treated with caution. The two groups used 
different AI platforms (e.g., ChatGPT and Doubao), making it difficult to 
compare results directly. These platforms differ not only in their training data, 
but also in the sociocultural and linguistic contexts in which they have been 
developed and deployed. They may therefore respond to learner input 
differently, produce varying quality of language feedback, and offer distinct 
interactional affordances. Consequently, observed differences between the 
Thai and Chinese groups cannot be attributed solely to learner variables or 
cultural backgrounds, as platform-specific effects may have also shaped 
performance outcomes. Future research employing a within-group or 
counterbalanced design where participants across both contexts use the same 
AI platform would allow for more controlled and insightful comparisons. In 
addition, only one speaking topic (i.e., Travel Recommendation) was used 
across all tasks, and there was no comparison group of students working 
without AI. The absence of a control group means that improvements 
observed across the three phases cannot be definitively attributed to AI 
scaffolding, as factors such as repeated task practice, topic familiarity, and 
learner motivation may have also contributed to the gains. As a result, it is 
difficult to determine exactly how much AI contributed to the observed 
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improvements. Future studies should work with larger groups over longer 
periods to examine whether speaking gains extend beyond a single task 
sequence. Moreover, comparing different AI interaction formats across 
proficiency levels would help clarify which approaches are most suitable for 
different learners.  

 
Conclusion 

 
This study investigated how generative AI scaffolding supports EFL 

speaking development and how learners perceive the use of AI tools for oral 
practice. The three-phase task design showed that AI can give learners more 
chances to speak beyond the classroom, with both groups showing growth in 
vocabulary range, idea organization, and speaking confidence. Grammar, 
however, showed little change throughout, which suggests that AI is better 
suited as a speaking practice partner than a tool for correcting sentence 
structures. Regarding the questionnaire results, both groups reported positive 
attitudes, though they had different priorities. Thai students viewed AI mainly 
as a way to improve their speaking, while Chinese students found it useful for 
academic tasks more broadly. Both groups found AI relatively easy to use but 
pointed out that conversations sometimes felt unnatural and robotic. 
Interestingly, no student from either context believed AI could replace 
human teachers. This suggests that learners still value personal connection 
and guidance in the classroom.  
 
Notes 
* Figures 1-2 images were generated by Gemini AI. 
** Figure 3 image was generated by ChatGPT AI 
*** Figures 4-11 images were generated by Claude AI. 
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