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Abstract

This research aims to compare the efficiency of models used for predicting decision-making in
future elections among Thai businesspersons. Data were collected regarding the election
decision-making from businesspersons across 7 regions in Thailand. The dataset comprises 6
attributes and 2,917 records. Rapid Miner Studio program version 10.1 was used to identify the
number of relational attributes and models, and 10-Fold Cross Validation was employed to
evaluate the following models: Decision Tree, Naive Bayes, Logistic Regression, Deep Learning,
and Random Forest. The results indicate that the accuracies of Random Forest, Decision Tree,
Naive Bayes, and Logistic Regression are 88.85%, 88.51%, 88.46%, and 88.11% respectively.
This research could be useful for predicting and analyzing election campaigns of political parties
and developing an information system to support policymaking in developing countries.
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Table 1.  Characteristics Prototyping Details and Data Analysis.

Factor Variable Data Encryption Correlatlc?n

R Sig.
Sex Sex 1 = Male 2 = Female 073 .000%**
Age Age 1=18-25yearsold 2 =25-35yearsold3 .193  .000***

= 36-45 yearsold 4 = 46-55 yearsold 5 =
56-65 years old 6= 65 years old and over
Domicile (Region)  Domicile 1 =Bangkok 2 = Central 3=Western4 = .077  .000***
Eastern 5 = Southern 6 = Northern 7 =
Northeast (Isan)
Education Level Study 1 = Middle school or less 2 = High -012 516
school/vocational certificate 3 =
Associate degree/ high vocational
certificate 4 = Bachelor’s degree 5 =
Post-graduate degree
Reputation of MP Reputable  Little = Has a minimal effect on decision- -.031  .092
candidate making. Moderate = Has a reasonable
influence on decision-making. Lot = Has
a significant effect on decision-making.

Knowledge and Knowledge Little = Has a minimal effect on decision-  -.043  .022*
abilities of MP making. Moderate = Has a reasonable
candidates influence on decision-making. Lot = Has

a significant effect on decision-making.
Past performance  Past Works  Little = Has a minimal effect on decision-  -012 503
of MP candidates making. Moderate = Has a reasonable

influence on decision-making. Lot = Has

a significant effect on decision-making.
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Correlation

Factor Variable Data Encryption -
R Sig.
Loyalty to the Royal Little = Has a minimal effect on decision- -.122  .000***
institution and making. Moderate = Has a reasonable
honesty of influence on decision-making. Lot = Has
political parties a significant effect on decision-making.
The ability of Earn Little = Has a minimal effect on decision- .029  .118
political partiesto  Money making. Moderate = Has a reasonable
raise money for influence on decision-making. Lot = Has
national a significant effect on decision-making.
development
Reliable and Board Little = Has a minimal effect on decision- .020  .269
trustworthy Director making. Moderate = Has a reasonable
political parties influence on decision-making. Lot = Has
led by reliable a significant effect on decision-making.
leaders and
executive
committee
Parties with Executable Little = Has a minimal effect on decision-  -.083  .000***
practical policies making. Moderate = Has a reasonable
and transparent influence on decision-making. Lot = Has
budgets. a significant effect on decision-making.
Parties with Populist Little = Has a minimal effect on decision- .030  .106
populist policies making. Moderate = Has a reasonable
influence on decision-making. Lot = Has
a significant effect on decision-making.
Parties with Reform Little = Has a minimal effect on decision- -018  .323
national reform making. Moderate = Has a reasonable
policy influence on decision-making. Lot = Has
a significant effect on decision-making.
Decision Decision 1 = (Vote) 2 = (No Vote)

Source: Statistical package
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23) MaLAsuguuuu (Data Transformation) Witelifiaumingaunasndoufiagin iy
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Mndleunuls Ingldnatinislasasrsnuliinisandula (Decision Tree) 35 Bayes 15annsy
1a3afnd (Logistic Regression) Lag ousunounesLsa (Random Forest) ¢18738n15 10-Fold Cross
Validation Tasutsfayasenidu 10 gawiniu 14 1 yadundumaaeudoyadn 9 yaliunguitlilu
nsi3BuduaginnsIngsuIL 10 seu lneAsundunaaeuluises 9 uasufanIng 1-4
(Figures 1-4)
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Figure 3.

Figure 4.
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Source: Rapid Miner Studio 10.1
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Figure 7. Random Forest Model for the South
Source: Rapid Miner Studio 10.1
Figure 8. Random Forest Model for the Northeast

Source: Rapid Miner Studio 10.1
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Figure 10. Random Forest Model for the Central
Source: RapidMiner Studio 10.1
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Figure 11. Random Forest Model for Bangkok
Source: Rapid Miner Studio 10.1

4) mvssdiuduuumiuuuiiliussg Tagussasdadangunasifiddnveatomms
enrsanitedadulannuseleniildlneinseidanis 10-Fold Cross Validation titaliléen
ANUYNFBA (Accuracy) FNANAILILEN (Precision) wagAAMSEEN (Recall) AildANUszanaNA
ALY (Model)

5) tupounslinuairsiuuuisshiamsailiauysaiwuuldvionisaianenui

a a

winzanlUldanuasanedeseitazud i ad umIuANNADINIS

1

insadiefildlunsitutona

1) Tumsifiudoyaainuuudrsanisdaduladendiduewiag mstuiindeyaniu
TWsunsudnisaguniada e Tuiindeyanulilugiudeya Businessman Decision

2) 161Usunsu Rapid Miner Studio 10.1 Tun153asigvideyanisvituienisdndula
onsiluawanvesiingsivlne

n15AAsIzivoya

By AMARBUNANTYINUNEAUAILUY (Model) wagilSouingulssangaineiy
watlnisauliisindula (Decision Tree) 35 Bayes 1dnnnauladafng (Logistic Regression) Lazid
uwsunaunasisa (Random Forest)
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ADAN 1Y1UN15398
lunsiasaunanisyiwienisindulaidenasluouinnazguaiindiiseasgeian

Usenaunie
TP+TN

1) Anymgnees (Accuracy) Aedmuiuiivinnegnuesynaana 14 Accuracy = —

'
a o

2) A1Anuiug (Precision) fanan1sAtwinivinuegnieeasmile 14 Precision =
TP
TP+FP

TP
TP+FN

3) ANAIU5EEN (Recall) ABdUNYINUIBgNAilY Recall =

A1 TP (True Positive) Fio Suugnauladonasdusznevvesnsdensauar ldmeuien
A1 FP (False Positive) fi S1uiugdinauladenssduseneuvesmsdensausdlédmauliiion A1
FN (False Negative) fio Srunugfiililédnduladenssdusznauvasnisidonsausd lineuden
uaz1 TN (True Negative) fie Sruaulillédnauladenssdusenovremisdensuar dnoulyl
\den

mdlsasunuululdeuesdéiu Sndusdommuussansamueddunaduiuy
riow Tnerluudrneiis Taidenldilunisouasmavinnusing q eg) 4 én il drarnaslugy
(Precision) fia Frfigdsiivhuneeanuudmegnldfesidus Aeusean (Recall) Ao S1unud
vwegnich Wumstarugniesvedinea Arunega (F-measure) Ao Auadsvaraiy
wiguazAnusEan AALgndes (Accuracy) Ae Srurudeyaiiviuegnyneata unste
arugniesediuaa Tnsasanmsynaaa Inedealirgdiae

MNMIeEes ansnsnesueHamsvnaedlddl

1) nansFeuUszansninnissiuundeya Sailevinmadentadeifsadosiuye
Foyaud lsdmgadoyaranun 2,917 49 imaaeulstAnsnimvednaanmssuundeya tile
nsrinueaiemaiinisauliinndula (Decision Tree) 35 Bayes 15annsuladaia (Logistic
Regression) waz3ausuneunasisa (Random Forest) tilvinnnsilSouiisuussansamlunms
Suundoya deldeuseansam Fauandlumsnadt 2 (Table 2)

Table 2.  Comparison of Data Classification Efficiency to Predict of 4 Techniques

Algorithms Accuracy (%) Precision (%) Recall (%)
Random forest 88.85 99.23 89.43
Decision tree 88.51 99.81 88.64
Naive Bayes 88.46 100.00 88.46
Logistic Regression 88.11 99.61 88.62

Source: Rapid Miner Studio 10.1

210 Table 2. WU fauuias1seinmaia Asusunsunastsa (Random Forest) @1

'
= = b4

ANUNFBININTIanAaeuay 88.85 AAuILLEToEa 99.23 uavA1AuTEAnTouay 89.43

]
a

o837 Ae FaAulLIAREWLR (Decision Tree) fiA1ANGNFABIGIRDToLAY 88.51 ANAINULLIUE
Soway 99.81 uavA1AINsEANTUAL 88.64 35 Bayes LA1AUYNADIEITREAS 88.46 A1AIY
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uiugSeag 100.00 LagA1AUTEaNTouay 88.46 Lazidnnnasladannd (Logistic Regression)
firnanugnieatesiianfedosay 88.11 Armnuuiiugriosas 99.61 uagArmusEAntouas
88.62 NUARAY

2) Mmyaslueg

TumsAnwadeilaaedisuliimsaadueadelagldinaiaislasadaduling
sindla (Decision Tree) IdLUULUE (Naive Bayes) A5anaeuladafia (Logistic Regression) uagis
wsumounedisa (Random Forest) Iagldtadeldannnismainuduiusiionun 6 Jade
Usznaudae ina a1y gidnun anudanuauisnvesdaiing 4.4, wssaiiiannuaadndnd
wazAudednd wasnssaitiulouisausoitiugnsufoildase nadnsveaduliiiadula &
AN 5-12 (Figures 5-12)

9Nl 5-12 Tsafiadaanatdiaususeimosisa (Random Forest) IagldTusinay
Rapid Miner Studio 10.1 wuin Jasefidulnuavdniiidnsnasenssinauladonsdluouan
vatingshalne Ae glidun (na) Wushaimuensvinnuvesluna daingsiefifigidiuelu
AW Al nanans nMang Tusenideanile manziusen Mmanziuan uaznAle A9
fyunevimssanaidiesiifiuloutsannsmitiugnsufoRléass uasiiundefiinassuussunm
Forou avdsuasionsinduladendann luuneitingsiaudniiyumesin nsfinssaniadies
fulevsanunsntirlugnmsufoRldess uagiunasiiuessuussnadaaufiosdianonis
daauladendanoauas uinseiufinueRnrsandannudaansovesdaias a.a. dae
ynfiaanudalnuaiunsngeiagdwnadedaduladensunn Tunensedrumniiaaud
amuaninsatesfiazsadulaliden uenaniadieg a.a. Aiflseiuruiamuannsoogluszsu
Uunans tngsiafiiyuuesfinsfinisandmssaniadiesifirnuassning uasdaudodng vn
fsgduneaumviedseduun Aazdamasanmsdaduladends usmniithefaedadulal
onds vetliloinnsandangfignasatiumn wudh fameaudnuazdsesi 6 Tode fe
e (Sex) 87 (Age) 9L (AA) (Domicile) wssanidesiifulouisannsauilugnmsuic
1§34 uagiuvasiiunveauuszanudiniau (Executable) Anuianuaninsnvesdfaiing a.a.
(Knowledge) uagnssamaidiesiifianuassndnd uazianutodnd (Royal) Swnetinauangiils
wordusesng desil

nndedl 1 dringsiafifigddnueglunufingamme wasdfiudefunssanindlodis

U
Y a

uisjmammmmiﬂam'ﬁﬂgumi@fm LLavumemmmmqw?mmwmu whiuiinasiedagiule
\dennssAnsiieviuinn ghedamudiedh 7l 0.99 Anatfuayuil 047 uagAnanduiusii 2 32
nndeil 2 Eningshediilgidnuedluiuiingamne wasdiufefunssanisilosid
ulsurwannsntilugnisufoildase uasliuvasiiinvessuussanadamu finasonisdedla
Bonnssanadieniuting freaneuidesiu 7 0.99 Anatfuayui 0.45 uasAranduiusi 2.48
nndeil 3 §ningshefiiigidnuedluiuiingamne uazdiudaefunssanisieiis
ulyurwannntilugnisufoildase uasiiuvasiunvessuussinadaau fnasonisdadula
onmssamaiiiosiuneaunns uasvngadiag a.a. Adanudaruamnsneglussduinn duaste
nsinauladen derraudediu 7 0.99 Anatfuayuil 0.42 uasatanduiusi 2.68
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Table 3.  Association Rule of Decision Making in the Future Election for Thai Businesspersons

Association Rules Confidence  Key Performance Pearson
Level Indicators Correlation

If domicile = Bangkok and executable = Lot 0.99 0.47 2.32
then “Vote”

If domicile = Bangkok and executable = 0.99 0.45 2.48
Little then Vote

If domicile = Bangkok and executable = 0.99 0.42 2.68
Moderate and knowledge = Lot then “Vote”

If domicile = Bangkok and executable = 0.98 0.40 2.63
Moderate and knowledge = Little, then

“NoVote”

If domicile = Bangkok and executable = 0.97 0.38 2.62

Moderate and knowledge = Moderate and
loyal = Little then “NoVote”

Source: RapidMiner Studio 10.1

npded 4 dndngshediiipfiduuegluiufinganwn wagifudefunssanisdosid
ulenneannsntilugnisuioRléass wasliuvasiiunvesuussunadaou fnadonisindula
Bennssanmadiosiuneauads uagmngaiag a.a. faudauanniotes Tnasens
dnaulaliidon deanAuderiu 7l 0.98 Aafuayui 0.40 wagAnavduusi 2.63

v A Y a da _ao i X 4 =] v 1Y = A =
ngUen 5 dingshantiglianuisglunuingaunng uasiiussiunssanisiiend
wlaugaunsnunlugnsufunlaese uazliunasnuvessulssinadanu Inadensnduls
HeNNIIANSLITBITUWRANAIT UasNHALiAT a.d. NANUTANEIsaNaaNAdsiaziiaIY
U o a & o v a ] v a = 1 i 4 & A i 9 =
wWinfnfuavdedndves Inasensdindulalidon Merrnueiu 71 0.97 Aaduayui 0.38

[V 4

UaANENEUNUST 2.62

HanN1539y

nAteidumniniedoyamuszundldludnunsdadule (Decision Data Mining)
Tneffngusvasdifiensiauiisulssansnmuuuiiaesmssuundeyaiioruenisinaule
msdenddluenanuesiingsialne Tusunsuildlunsieseidoyams fo Rapid Miner Studio
10.1 wedaansliniiis 4 35 6ua msduundeyadeddduliiinauls 3uuuud Busune
wosisa uarisannesladafind adnildlunside liud adfnsviunelasfinnsan eaaugn
foe ArAuE waAneLTEAN TaedediAngeiian nansveaeuUsEAvBnWERAENS 10-
Fold cross-validation LilevinmsiU3suifisuuszansnmlunsduundeya 4 waida :nsanis
neaes WUt Fsusunemesisaliidaugniosgeiian Andudosas 88.85 seaunde Faduli
fnaule Andusevar 88.51 warisuuuiud Anlufevas 88.46 uazidanneeladafind Andu
Yovay 88.11 muddiu Fs9rnnsAnwanAdednasiu wuin medansiuilosdoyadumaia
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Afanuddnlumsdumansaumarioanuiiveuetluasaumaiernnldusslonilunng
FnaulanAUAIERSAN 9 1TU AUNNSANYT ATUNMTRIUNMTEUIANT YEBRIUNTTRAIR LAEalUT
mAtelafitmetiansimilesfeyaunidumeaialunsdummadailaves]iians dendslu
sefufesiunieseiuni dnfuanuansideianmnsetdeldin suuudddanmauieuioy
UsAnsnmlumssuundeyalusmiAdeld] dusuuuiivmnsaufiasiludandeliaunsn
ilUldiededrseiuumidunsiauenus wasildusslovisenaunsiansmns
denadluewnen Sedoyaiiddnyannsnasiiouludmssanades uasdnmadlesilogluszdu
sns o stelulé daillaelngsafifnessesinss Tlunsuansoen danluajdosnmsvinunman
Tglifendosiumudaudmamadies aunsafainauidniningshadunduyeeaiilil
drududonistuasesdany uinszduinuluussningsiodeiiinnnudesnisili
“nrsifieaile” wag “fadosnin’ weliinsuszneugshalasianizedneBanisaanuain
AaUssmALaznsiefienasawsfadeoluls”

JalAUIUY

muf‘ﬁaﬁmmmﬁﬂﬂgmﬂmé’mﬁué wazngnissnaulavesingshefifinisdaduladen
wssansulesiiiiuleuieannsainlugnsuualdes wasliuvasiiinvessulssinadaaey uas
wssamsdiesiifinnnuassndng wasdianudednd suudeaudanuaisnvesdaiag a.a.
Tudssndldlunsimuauunulsuigvemssamaiies wagmsdmideniniigaling aa. luuu
w3 welfannsadufiveusuvesssrunnmadus I aingsio Framedidanddoy
ogebdlunsaiednuinglugnisamu maadee nmsaddauaislmifvuiulan dmiu
nsinideluafsieluiu angdidevoiaundn meRansamaianisairefuuuiililunng
SuunUssandeyaiivannvans wasiugadoyafivinnsnaaeuliunndu wu mawieudie
yunpsvestingsivlnefutingshisifimnamululssmdlnedsafunsdendduewian
Wielidayaiiniradu nenvniludiuresmsiaruareiateya (Data Cleaning) thu Faudy
Funeuiiddnuarldinarroutiann uasdsiidessfdinnAermuaenadounuivesioya
Tuwtazaudnuasiientardmaimainefifarugniesazuiue
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