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A Behavioral Analysis Model and the Cause of Alcohol Dependence with

the Decision Tree Technique

LY L Q‘ * a = * o = **
UIANT NBLAY BAAT V1ILRYA hazUINE ﬂiﬁﬁl‘u‘,iﬂj

* avivinalulagansaume aningimansuazimalulad uninetdessiguasuy

* g ivmalulagansauwme auInermansuazinelulad unineidesuiguasUsy

Nattapat Rideach’, Adisorn Khaoead" and Paripas Srisomboon™

* Department of Information Technology, Faculty of Science and Technology, Nakhon Pathom Rajabhat

University

" Department of Information Technology, Faculty of Science and Technology, Nakhon Pathom Rajabhat University

o/ 1

Unanega
N3 UUTATIEANG ANTTULAY

anwnsianisulsafngsinamedanuliidaauls
NUITp T IngUsrasdLioAnwLas WAL Uy

AAsIE woANITUUATAMAFRENITANLATDIAN
woaneseduariadeiidsmadonsiliidulsade
a9 Inegltinadaduliidnauls nquiiegnedilife
tndnw wAng dviquasusududi 1 f

'
a

i

FuUN 4 snailissuasugy Janinuasugy
$rurugvhuuudsianundy 500 au Taed
swazondeyafio TS uiugudnuaeiomn 12
Andnuay uazileliiiaszideyaasnuing
Srurussifouilanysaindouldarusianua 500
sufou wagduunldionun 4 nqu Ao nduil 1
fio fAuuuuiAss naudl 2 Ae Ruuuuidss naw

3 fie HANLUUSURTIE NGUT 4 FiB NqUKANLUY

=b

v v

a Beldimatinnisdwundeyadssinndoyanme
uldlel

UITYAB

3D

aaula lnelSeurisudanasiuntdlu

SBe

4 danasiy lown daneoSiu Jas,
ganea3iy LMT, 9anesS#iy RandomTree wag
danes3iiu HoeffdingTree wagldmatianisusumn

ANANAAYRITeY a8 TINATANTHULTY

202

Aaod19nguae (Synthetic minority Over-
sampling Technique : SMOTE) it o191l ¢ A1l
wngaufiganazgniesfian dunaieduuy
Baszinginssuuazanrnsonisiiulsnfings)
someiasuliifnauls Tnonansisends wui
8ane3fiu J48 dAmanugnAaslariInILulugn
vosteyadld 8-fold cross validation Tunsuus

v

Joya lagilAiAinuauga SMOTE 800 1 ddn
AIUYNFDY 80.61%, A1AIULLIUEN 78.20%, f
AUTEAN 80.60% UazAIAINEAE 78.80% T

11nA31 LMT, RandomTree wag HoeffdingTree

AdnAey: lsrfngst duldenduls watianisdu

Winsagangues
Abstract

Creating a behavioral model and
causes of alcohol consumption by using the
decision tree technique. This research aimed to
study and develop behavioral analysis models
about causes of alcohol use and factors
affecting the cause of alcohol dependence.

The sample used was students university,
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Freshman to Senior, Nakhon Pathom Rajabhat
University, Muang District, Nakhon Pathom
Province. The total number of survey takers is
500 people and the detailed data is a total of
12 characteristics. When analyzing the data, it
was found that there were a total of 500
complete records available and could be
classified into 4 groups: Group 1 was low risk
drinkers, Group 2 was risk drinkers, Group 3 was
dangerous drinkers, and Group 4 was addicted
drinkers.  Which uses data classification
techniques with a decision tree by comparison
the algorithms include the J48 algorithm, the
LMT algorithm, the RandomTree algorithm, and
the HoeffdingTree  algorithm. By  Using
adjusting the balance of

added

techniques for

information  with  the randomly
technique. Minority samples (Synthetic minority
Over-sampling Technique: SMOTE) to get the
best and most accurate values to create a
behavior analysis model and causes of alcohol
dependence with decision tree technique. The
results of this research revealed that the J48
algorithm has the data validity and precision
values, which use 8-fold cross validation to
divide the data.The balance SMOTE 800 has
80.61% validity value, 78.20% accuracy value,
78.80% precision value, which is more than LMT,

RandomTree and HoeffdingTree.

Keywords: alcohol dependence, Decision
Tree, Synthetic  minority  Over-sampling
Technique
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