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A Comparison of the Efficiency of Algorithms and Feature Selection
Methods for Predicting the Success of Personal Overseas

Money Transfer
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ABSTRACT

The study's purpose was to compare the efficiency of algorithms and feature selection methods for
predicting the success of personal overseas money transfers. The information of personal overseas money transfers
certificate using in their study was 2016-2017 and 51,901 records. This research was used three classification
techniques: Decision Tree, Naive Bayes, and K-Nearest Neighbors which compare the efficiency of algorithms the
predicting techniques. The efficiency testing can be predicted using Cross Validation method by RapidMiner Studio 8
program. Then, we experimented to find out the result of the efficiency that has maximum accuracy from the study
we found that using decision tree technique with attribute. The accuracy is 99.90%, K-Nearest Neighbors 99.55%,
and Naive Bayes 96.71%, respectively. Comparison of results we are able to take the technique which has the most
accuracy to predict the success of personal overseas money transfers.
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1 Precision 99.97% 1182 A1 Recall 99.99% Aald V (Verify) A1 True Positive (TP) M0 786 A1 False Positive
(FP) 11111 5 A1 Precision 99.37% 1182 A1 Recall 99.62% Aa1a C (Cancel) A1 True Positive (TP) 191111 21 A1
False Positive (FP) 1A 6 AN Precision 77.78% 1A A1 Recall 77.78% Aald P (Pending) 1A True Positive (TP)

1A 0 A1 False Positive (FP) (NN 0 A1 Precision 0% Lag A1 Recall 0%

M5199 4 A23A15EANTANVe98ane3 N Naive Bayes

Performance Classification (Naive Bayes)

true F true V true C true P Precision
pred. F 14529 260 26 5 98.04%
pred. V 221 529 1 0 70.44%
pred. C 0 0 0 0 0.00%
pred. P 0 0 0 0 0.00%
Recall 98.50% 67.05% 0.00% 0.00%

91NA13195 4 WUIAAE F (Finish) 511 True Positive (TP) IN1R1 14,529 A1 False Positive (FP) 11171
291 1 Precision 98.04% Llag A1 Recall 98.50% Aa1d V (Verify) U1 True Positive (TP) tM1AU 529 A1 False
Positive (FP) 11111 222 A1 Precision 70.44% a2 A1 Recall 67.05% Aa1d C (Cancel) 371 True Positive (TP)
110U 0 A False Positive (FP) 1101 0 A1 Precision 0% 1% A1 Recall 0% Aa1e P (Pending) A1 True Positive

(TP) 1WA 0 AN False Positive (FP) 110U 0 A1 Precision 0% 4@ A1 Recall 0%

3197 5 ArialseanEnmvesdanes iy K-Nearest Neighbors

Performance Classification (K-Nearest Neighbors)

true F true V true C true P Precision
pred. F 14726 34 5 0 99.74%
pred. V 21 755 2 1 96.92%
pred. C 3 0 20 4 74.07%
pred. P 0 0 0 0 0.00%
Recall 99.84% 95.69% 74.07% 0.00%

9170151990 5 WUIAAE F (Finish) 3A1 True Positive (TP) 11101 14,726 A1 False Positive (FP) 11171
39 11 Precision 99.74% 1182 A1 Recall 99.84% Aa1d V (Verify) U1 True Positive (TP) 1N1A U 755 A1 False

Positive (FP) 11101 24 A1 Precision 96.92% 1A% A1 Recall 95.69% Aaa C (Cancel) 1A True Positive (TP) 910
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