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ABSTRACT

This paper demonstrated methods to create predictive models for garment sales. The
objective is to find the optimal model for garment sale forecasting. Dataset for creating
forecasting model is collected from daily garment sales of a well-known store from January 1,
2015 to September 30, 2017, totally 1,004 days. This work applied two main models. Those
are Time Series Analysis with decomposition and Regression Analysis. The second dataset,
which has 92 data points of daily garment sales from October 1 to December 31, 2017, is
employed to evaluate and compare the forecasting efficiency of both forecasting models. Five
deviation analysis methods are used to determine forecasting efficiency: 1. Basic Error 2.
Mean Absolute Deviation (MAD) 3. Mean Square Error (MSE), 4. Mean Absolute Percentage
Error (MAPE) and 5. Theil's U. The study indicated that Regression Analysis gave more
accurate forecast than Time Series Analysis. Therefore, Regression Analysis forecasting
model is more appropriate to forecast daily garment sales for this store than Time Series

Analysis forecasting model.

Keywords: forecasting models, time series analysis, time series decomposition,

multiple regression analysis, forecasting accuracy
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m%u@imam(t) UAWNUUW 1 KUY ﬁ]tﬂ’]lﬂﬂﬂ@‘ﬂ’]ﬂﬁuﬂ’]uﬂ’m(ﬂad 168.318 UN LL@]EL‘LWI’N

s a £ v a g 1 o v a v A nl J
ﬂﬂﬂﬂ%ﬂﬂlﬂnﬂ’](t) Uaaaad 1 B fﬂ:ﬂﬂIﬁUﬂ@ﬂl’]ﬂﬁ%ﬂ’]Nﬂ’]LWNﬂl% 168.318 U
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3.2 mswmnim‘fﬂﬂea%'n'mwnd'mﬂsznana‘vgnwnm
iagaﬁﬁnmﬁnmLﬂuﬁagaiwﬂfumadu@iazﬁﬂmﬁ IINNTIATITANDIN ﬂ'wad“ﬁagmw
UKD 1-4 VOILARZLADU TAIVLANAIINBNIN @”&ﬁuﬁaﬁaaﬁnmsﬂ%’uﬁaQa‘tﬁagjlugmmu
udlandrauianidaringniansdianst (Weekly Seasonal Factor: SI-1) us234in 1

1 Qs Qs ﬁé v s ¥
fanfingniaedn (Daily Seasonal Factor: SI-2) Gauaad laasd
. e A ) & A a A o & a '
3.2.1 Aerkngmanuslensi (SI-1) moluniafandnivua 4 e 13anin

n9ManuFa1w (Weekly Seasonal Factor) UEAIAIlUAT197 1

a v ga A o 4 & an '
139N 1: LLﬁ@\‘iNﬂﬂWﬁ@l’ﬂ%ﬂgﬂqﬂiqﬂﬁﬂ@Tﬁ SI-1 13 4 qgma%mmmnmuﬂizﬂaumaaagﬂswnm

Series: Period 1 2 3 4

Seasonal Factor Hhlokiek]
a o Seasonal Factor (%) 91.519 94.412 91.044 123.024
dnan

sunInafuneldiasfingmaneims 4 ngma lasfaduiasazldash

22p

-Period 71 1 & Seasonal Factor YNNU30H8Y 91.519 RNILUAIININ FUAIAN 1

#aavNdnINUNG (BaavsUndnuisis saauuaREYINAUSBEaE 100) agﬁaﬂaz 8.481

22p

. P A Vv e ' o &al
- Period # 2 d Seasonal Factor LYINTNUIYAT 94.412 WN18AINNIT FUAIKN 2

©

a

sa@mm‘hn’hﬂﬂmagjﬁ DURY 5.588

- Period 1 3
2

%)

Seasonal Factor LYNAUSRUART 91.044 BULANNI FUANKN 3

%)

(%

21186 NINUNG %i*ﬁiaﬂa: 8.956 WazhaILdw Low Season
a

'
=

- Period 7 4 { Seasonal Factor L¥inAUSaHAY 123.024 RANLANNIN FUAWN 4

faid §

Ao

paawugInINUnfiagntasaz 23.024 uazfiadidu High Season
N3N SAS1 (Weekly Seasonally Adjusted Series) Aadngayassniandniwaas
gamanedlardesn’ld awnsorildlasmsihdrasiingnianedlend (S-1) vasudaz

fland ldmspaausfudsnein (Sales) aduaadluansnef 2
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v a A

A13191 2: A298198AAI9TY (Sales) WazHaaUNN ﬂamwamaaqgnwmmﬁ'ﬂmﬁaanuﬁa (SAS1)

Seasonal
no. Day Week Date Sales Factor SAS1
(Weekly)
1 THU Week 1 1/1/2015 884,260 | 91.519% 966,204
2 FRI Week 1 2/1/2015 956,487 | 91.519% 1,045,124
3 SAT Week 1 3/1/2015 1,202,195 | 91.519% 1,313,602
4 SUN Week 1 4/1/2015 1,017,318 | 91.519% 1,111,592
5 MON Week 1 5/1/2015 706,393 | 91.519% 771,854
6 TUE Week 1 6/1/2015 625,417 | 91.519% 683,374
7 WED Week 1 7/1/2015 692,520 | 91.519% 756,696
8 THU Week 2 | 8/1/2015 551,610 | 94.412% 584,258
9 FRI Week 2 | 9/1/2015 791,177 | 94.412% 838,004
10 SAT Week 2 | 10/1/2015 1,107,792 | 94.412% 1,173,360
11 SUN Week 2 | 11/1/2015 947,879 | 94.412% 1,003,982
12 MON Week 2 | 12/1/2015 507,600 | 94.412% 537,644

e oA o o & a4 o R A &
3.2.2 m@]“ﬁqumaﬁmuluaﬂm% (S|-2) ﬂ']ﬂIu‘lﬁuﬂaﬂﬂ']‘lﬁﬁNN'ﬂ\‘l‘lﬁN@ 7 f]@ﬂ']a

anaiuludlandt 7 4 Guan uwndaud ungniauin asusasluan 3

a3 3: waawsaziingnaedu (SI-2) N1 7 ganalasifusnaiulliznausadaynIunm

Series: Period 1 2 3 4 5 6 7

Seasonal

Fact HhLokigH] Seasonal
actor - . 84.918 | 105.301 | 129.941 | 124223 | 87.53 | 82911 | 85.177
FUAN Factor (%)

'
o

NNIWNA1 SAS2 (Daily Seasonally Adjusted Series) Aagaau18fNIABNINAVD
geamanuiussznodendeanty ldthdasiingnansiu (si-2) ldwsveampiudeiud

v A

haadnnazesngmanudilank (SAS1) aanudd AIuaaIIluanTN 4
A9k SAS2  AaBEAYIUARANNANIAENTWATEINGNANINNABENLAD RRBLNES
v = ° v v ar o & ' o a =)
uwalsiy (Trends) Fsaunsnshldasgumsum lduanusunuserinediuddaszfa 1an

(t) uazdnudsauda vaameiudnmiaaninaveingnmanivuaaanuds laasi

T, =621170.496 - 172.411X, (10)
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AMNFUNTN (10) HNIBAMNIN LIA(Y) AANUFNWBSLTIaUALLaaT18RUANTNTA
a a uq/’ v 1 v o v 1 AI &/ 1 o
Infwavasngmaninuaaanudy (SAS2) nanada dnualiiaan(t) SaAndu 1 nibipazi
ltanuofuiddianas 172.411 U wdlunenaunuildiian(t) daaads 1 nisazyinld

a v a, a &
HOAVIURUATNATNLANNYW 172.411 UIN

@139 4: UFAIBDATNY (Sales) saaLIIABNIWNAngMIATIBALMW (SAST) uazpaaweiindnTwangma
T87% (SAS2)

Seasonal Seasonal
no.| Day | Week Date Sales Factor SAS1 Factor SAS2
(Weekly) (Daily)
1 | THU | Week 1 | 1/1/2015 884,260 | 91.519% 966,204 | 84.918% 1,137,808
2 | FRI | Week 1 | 2/1/2015 956,487 | 91.519% 1,045,124 | 105.301% 992,511
3 | SAT | Week 1 | 3/1/2015 1,202,195 | 91.519% 1,313,602 | 129.941% 1,010,922
4 | SUN [ Week 1 | 4/1/2015 1,017,318 | 91.519% 1,111,592 | 124.223% 894,836
5 |MON| Week 1 | 5/1/2015 706,393 | 91.519% 771,854 | 87.530% 881.817
6 | TUE | Week 1 | 6/1/2015 625,417 | 91.519% 683,374 | 82.911% 824,226
7 | WED | Week 1 | 7/1/2015 692,520 | 91.519% 756,696 | 85.177% 888,380
8 | THU | Week 2 | 8/1/2015 551,610 | 94.412% 584,258 | 84.918% 688,027
9 | FRI | Week 2 | 9/1/2015 791,177 | 94.412% 838,004 | 105.301% 795818
10 | SAT | Week 2 [10/1/2015 1,107,792 | 94.412% 1,173,360 | 129.941% 902,994
11 | SUN | Week 2 | 11/1/2015 947,879 | 94.412% 1,003,982 | 124.223% 808,209
12 | MON | Week 2 [12/1/2015 507,600 | 94.412% 537,644 | 87.530% 614,240
13 | TUE | Week 2 | 13/1/2015 463,860 | 94.412% 491,315 | 82.911% 592,581
14 | WED | Week 2 |14/1/2015 525,157 | 94.412% 556,240 | 85.177% 653,040
15 | THU | Week 3 | 15/1/2015 699,089 | 91.044% 767,858 | 84.918% 904,235

@

\atidn SAS2 vlﬂai”nmwﬂagmmmwaoﬁam'mﬁuﬁﬂ WBUNULIAN (1) wudn 898

ANBUNANIIRARILAT DULAN é’mmmiugﬂﬁ 3

SAS
1400000
1200000

1000000

W i T

200000

v a

= @ @ a o doe a & %
E‘]J‘Yl 3: RﬂEmzLLu’JI%&I“HE}GUE}WUWUﬁuﬂ’]‘ﬂﬂ’] ABNDWRTBIANIAVIRNADBNLAT (SAS2)

3.2.3 ninaseuaNuuluinzasmInenIaldnIfuendulsznauaynIum
ﬂ’]iﬁﬂ‘kﬂﬂ%{lfﬂﬁﬁ’]ﬂ’ﬁﬂ@ﬁﬂﬂﬂ’ﬂuLLSJ%&T’]‘IIéNﬂ’]iWU’miﬂi’?%ﬂ’]ﬂmﬂd’lu"ﬂﬂdﬂk&ﬂiw
e lagld3iRansonainsaasduanese wWisuifsunuseaussue i ldanaunisns
wensallagiinsusndiuvasaunIuimda sun1 T, = 621170.496 - 172.411X,

9% 16 ariuf 2 (NINYIAN — TUNAN 2562)
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Na1399 5 awensoiuna likuluaosuid Trend Lfiaﬁﬂdm”aﬂdnvlﬂﬂmﬁ'um@”mﬁ
99ManyIn uazAnasingmandlan a=lden Reversel uaz Reverse2 anudnay Gsaziin
My anEwa e Tuuaz M Flaniaunsulda i gsenany 91t Reverse2 fafwensal
HAAYLFNT LaTEUNIDINLABUNLLaAY18339 (Sales) "L@TI@ulfiaya@%amﬁ'uﬁ 1 9anau
2017 §4 31 TUNAN 2017 lunsnasay s‘éq@hﬁ"l,ﬁmnmswmmrﬁﬁmmme@mﬂ”u‘*ﬁagmﬁa
Bauioala ﬁﬁlzﬁﬂﬁaumiﬁaLmuﬁa%a:fumﬁmmu,ajuﬂnqamnﬁ'o"‘fu aougasluaef 5

LLazgﬂﬁ 4

A13190 5: A28 ij’]x‘i“ﬁb%ﬂﬂ’]ﬂﬂ%ﬂﬂlﬁﬂﬂﬂaﬂﬂ]’]ﬂﬁuﬁ”ﬁﬁd LazeaABFEUAINMINENNTEL

Seasonal Seasonal
no. | Day | Week Date |Trend (T)| Factor |Reversel| Factor |Reverse2| Sales

(Daily) (Weekly)

1005 | SUN [ Week 1|01-10-17| 447,897 |124.223%| 556,392 | 91.519% | 509,204 | 528,823

1006 [MON| Week 1|02-10-17| 447,725 | 87.530% | 391,894 | 91.519% | 358,657 | 446914

1007 | TUE | Week 1|03-10-17| 447,553 | 82.911% | 371,070 | 91.519% | 339,600 | 414,719

1008 |WED| Week 1|04-10-17| 447380 | 85.177% | 381,065 | 91.519% | 348,747 | 398584

1009 | THU | Week 1|05-10-17| 447208 | 84.918% | 379,760 | 91.519% | 347,552 | 366,112

1010| FRI | Week 1 |06-10-17| 447,035 |105.301%| 470,733 | 91.519% | 430,810 | 488,068

1011 | SAT [Week 1|07-10-17| 446,863 | 129.941%| 580,658 | 91.519% | 531,413 | 579932

1012 | SUN [ Week 2| 08-10-17| 446,691 | 124.223%| 554,892 | 94.412% | 523,885 | 511354

1013 [MON| Week 2| 09-10-17| 446,518 | 87.530% | 390,837 | 94.412% | 368,997 | 391474

1014 | TUE [ Week 2| 10-10-17| 446,346 | 82.911% | 370,070 | 94.412% | 349,390 | 412293
1015 | WED| Week 2| 11-10-17| 446,173 | 85.177% | 380,037 | 94.412% | 358,801 | 375015

1016 | THU | Week 2| 12-10-17| 446,001 | 84.918% | 378,735 | 94412% | 357,571 | 428,191

OBSERVATIONS

Eﬂ‘ﬁ 4: WisuiisugaaBRUM 53‘1&’3"1\1?JE]WIJ’]Uﬁl%\‘iLLRZUE]WU’]U‘d’mﬂ’]i‘wUﬁﬂifﬂﬂﬂaﬁﬂ’]ﬂmﬂdﬁ%“ﬂﬂd

av‘msunm

A & . v ' A v A v A v &R a A
NN3UN 4 wAnwihdayalutisnadnd dayasaasFud1ass (Fufy) wisuifiey
Autayaf ldanmawsnsnilasiinsusndiuzaseynsunm (dudsy) Jarlndidssiuasea
13 4 slond laglusredlanwn 3 zlivannuiudiaenge SIWIUTIFUANRN 4 2zTvaarny

fudunnga a9 lualawn 3 vadudazidanidusiananaslilasuiinidan vinlvan
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sulngigi aanunavieltresludisaaainan walutusglansin 4 audsauidanazinng
wswlERauNINNINUnALe I T RTIIAN LaTULIWLA auuad FinlAauruuI Do 9NN
X o & ) & 2 A a o A a o & o &
YU aanwluglonin 4 EAHLRY RHEPCRERLTEE wazluamidoanuasidininaiele 1 ey
ﬁaufuq@éﬂmﬁ T UaAVYAUAININATIITUYINNY LaBaNIZIWRISTUAZI WA NN HanuY
o A' w e 6 v A' a a 1 L% o v
Wuswanun Luaommuq@aﬂm%Lﬂmu‘nﬂuummmﬂlumsaaﬂmaumﬂlmas’mi‘m
t§/ 4 v 1 o a =) U =3 1 1 Qs 1 g
HBAUNUEININTY LLazLﬁangmmmuﬂﬂma@myaummzammLWﬁmumulmyumlzvlu%a
paslutrnaiilvbeansdesaining Savhliinadninazasngniavesinnmeludionst
wazngnisvasFlaninisludian udazliussiananiiiuneeasofud1aiiuand99n
HAATILIINNITWEINTTENIN LﬁadﬁnﬂluﬁnLaméﬁmmm%ﬁmﬁ@lﬂﬂu%’uﬁuﬁwLﬁani:@ju
o v a v a Al J [ Q 1
2aa 0 1A AT1 0 RUANITIANTUIINATNEINTDE %%alumamanmﬁmsﬂiuﬂpsﬁauLm
Fudvhldgadalanmalunime S ldbesnsfudaiiaaniisaameainmaneinin
' o < o ' o o o & M o a £ ° y o
wdmidaldsluduaindnn wiamalivdpiudiuldldifedwdudzdlugranandoaniu
o ¢ A A & oA @ A ¢ o A '
PaInnFan ma‘*qﬂmaumnmnﬂummwmﬂsmaamﬂmmvluammua fainldzn1Tn
o a £ & L A a XA D e & & 4 Vo
AMaM It ladNazinaUunIall nIatiaduialng muulum‘swmmmmagmunmax‘lumm
o A ' ° A 1Y aa o & &
AnuEnLUTasnan N ldsiavanIRI TGl (ASanual §27704494, 2535) T
a o @ A & a o ) o A & o A >
mm:mmﬂumml@mmmﬂaﬂmmgwu HaAUNYAUAN MTIFUANAN 4 ﬂmumgpmwaﬂmﬁ
4 a 2 [ Qs Qs ~ ' 1 Qs o A a a a
a9 LLamaﬂmUaum‘tummuqﬂaﬂmﬁ ﬂmﬁmgamwﬂaﬂmﬂlmummu Faienanina
POINAMNA
3.3 MINgININlagISNsAIATzHANnAnDY
= ¥ o dldn a 1 a v v a .
M3AnENUuNABnTnadasaau1oFuA ImlmumﬁmmmammaWﬁ (Multiple
. . A v a & o o & A o oA “ o o o
Linear Regression Model) lasditasuu@giuidasen a3l saavisfuddenusunusnudiuan
wﬁwgﬁuﬁ’] GDP Qammsﬁ'n,ﬁﬁuﬁﬂ néjuﬂmnmaﬁu ULEGLELRH TN uAUEN way
arheUan eulsnlrlunisdnen Usznauday
1. @ul3a13 (Dependent Variable: Y,) fia 8a@21aFuAN th 147 t (LN)
o ’ SV | ' ' a o A& a
2. @1l 38832 (Independent Variable: X,) idudadsNvzainadasaau1a a1l
ﬁ'm“";LLﬂiL%aﬂ%mmua:éi"aLLﬂSL‘Tf{lqmmw

o a9 o v v @ o ¥ oo da ' a v v &
I@ULLU‘UQ']RENY]EL“D' "l,@]ai’mmwauwuﬁmmﬂmmuwa@aﬂa@mmum LLﬁ@\‘IvL@@G‘Ha

Y= A+ BiXy + BoXo + BaXg + ByXyp + BoXop + BeXop + B/ Xy + BoXgp + BoXop + ByoXi + & (1)

lasd
A a o o A
Y, Ao HaaUIBFUAT 1b I t
{ o a Af
A, B, B, B, B, By, B B, Bg, Bg, By, A ANesNaNLszENT
Xyt Ao wInAIIQEWE B TUN t
Xy flo GDP mh un t
Xy fAa yadmIidnEwA o Ui t
Xt Ao naNUsztANUaIIn o IuN t

9
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Xe fa Srwaneulunguengdinit 20 IAlduinsanniiga m Tud t
Xet fa Suwanaulunguengszning 20 - 29 AlFuInInnfiga m U t
Xo fa Suwanaulunguengszning 30 - 39 AlFuTmaanniiga m Tuf t
Xg fa Swruaulunguangazning 40 — 49 INlFUTMININATR ™ TUN t
A Y e o A o A
Xor Ao TenhawaUan o IuN t
A v Av 1A o A
Xiot A9 ATHAUAN M IUN t
& Ag ANUARALARDUEN Db 1IN t

Iumm%m”muuwmmzﬁﬁ'sﬁﬁmﬁms’]zﬁmmmam’ﬁowvg @pIuNIINARDY
A A & A o v o . A
s laNIIATITHANIINADaUNENIIUANNRANIZRNVBIALUY treanuy laidwldanuonly
ﬂ’]‘ﬁLﬂi’l:ﬁﬁ]:ﬁdNalﬁwaﬂ’liﬁﬂ‘]ﬁﬂa’]@]LﬂﬁauLLﬂzﬁ’leﬂﬁjﬂ’liﬁEﬂNﬂﬁlﬁ@‘wa’]ﬂ AIBUKNANIT
SATANTNANLIIG0IFEAARBINULIOU MLl a e att

1. ANNARALARBUVEI Y INTHANUIIUNG was

2. anUs8a5e Xi hdaraddadudarzdanis

Scatterplot

Dependent Variable: uaﬂ'zl'\uﬁuﬁ'v(mw) Normal P-P Plot of Regression Standardized Residual

4 Dependent Variable: upaznuduan(uin)
1

Regression Standardized Predicted Value
Expected Cum Prob

4 2 0 2 4 3 %0 02 04 o8 a8 10
Regression Standardized Residual Observed Cum Prob

(n) (V)
31]‘71 5: MmInazauianludiudsanu (n) N1INTI2318 Residual 283 Y ﬁmins:mmmuqm (1) wae Normal

Probability Plot a3 Y in1suanuasdnd

ﬁ]’lﬂgﬂ‘ﬁl 5 uaaslWifindn dudsan Y iwdeonlunmmasey fis mInszans Residual
289 Y 4n13n3:910UuDUEN wag Normal Probability Plot 789 Y in1suanuasuuulnd

navaseuaNnududaszreidiuly Xi nnaa niaminasey Collinearity l5A1add
Tolerance WazeN@fid VIF (Variance Inflation Factor) WU3161 Tolerance 2890338832 X,, X,,
X, uaz X, ﬁé’am@Lﬁu’hﬁﬁhLﬁﬂﬂﬁﬂuﬁmﬂ%wmfm’nm"] audsdarr X, X, X, uaz X, &
ANNFURUERT LA LYBa@a8% guAn a9til S9vinmsaasaudsiasne 4 eaudsitaan
ROAANBINUNIINARAVAT VIF Wudn 61 VIF 283 X, X,, X, uaz X, ddwnnii 10 Gaiudar
MIsasudTBaTEne 4 dautlsiieon aatuiandaciuliass Xi $uI% 6 eaudls A4
anumansnlumsasunedaudsanls sunisaanasilaae
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~

Y =-616618.012 + 151874.449X, - 67128.432X, +14.066X, + 1529.755X , + 19865.741X, + 154.094X, (12)

ﬁuﬁaﬂéuﬂsnﬂﬂmﬂd%uﬁwuquﬂuﬁhgﬁuﬁwﬁ%ﬁﬁﬁﬂﬁﬂﬁﬁﬂwﬁwﬁuﬁﬁﬂﬁﬂHaﬁwnws
PUTVRUA T ANV FUNWT I TIUINN VLAV FUAT BNLT% GDP ARANNINAWS L BIaunU

HAAUILRUA

X4 | x2| x1 X10 X9 X3
Pate | Constant Day group s il Index Blue Gasohol 91 |Import value(MB) | Sale) OBSERVATIONS
171072017|-616618.01 1]7086] 5655 230.93] 27.58| 586.70[ 548,640 | 528,823 o000
2/1072017|-616618.01 0 0.86] 5427 230.93] 27.5§| 586.70[ 393,558 | 446914
471072017]-616618.01 0[ 086] 5137 23093] 27.58| 586.70[ 389,409 | 398,584
5/102017-616618.01 0[ 0.86] 6427 23093] 27.18| 586.70] 399,608 | 366,112
20/10/2017|-616618 01 1086/ 4889 23093] 26.7§| 586.70] 521973 | 452,896
26/10/2017|-616618 01 0[ 0.86] 4883 23093] 26.7§| 586.70 370014 | 471119
31710/2017|-616618 01 0[ 0.86] 4643 23093] 26.75| 586.70] 366,638 | 452995
171172017|-616615 01 0 0.99] 4123 226.86] 26.75| 589.46| 344,796 | 408350
8/11/2017|616618.01 0[ 0.99]  4aa5, 226.86] 27.98 589.46] 373,164 | 375,507
9/1172017|-616618.01 0 0.99] 5495 226.86] 2798 589.46] 387,934 | 427,058
18/1172017]-616618.01 17099 6341 226.86] 2798 589.46] 551,708 | 574,048
19/1172017]-616618.01 117099 9280 226.86] 27.98 589.46] 593,048 | 524350
7/12/2017|616618.01 0[0.78] 5855 245 43| 27.98 592.65| 436,070 | 406,869
9/12/2017|-616618.01 1[7078] 4928 245 43| 758 1959 | 573,131
12/12/2017]-616618.01 0[0.78] 6308 245.43] 758 434,496 | 408872
20/1272017[-616618.01 0[ 0.78] 6690 245.48| 2758 592.65] 439,869 | 417,658
21/1272017[-616618.01 0[0.78] 7169 24545 2754 592.65] 446,607 | 443,866
30/1272017[-616618.01 17078 9274] 245 45| 27.68 592.63] 630,077 | 636.827
31712/2017|-616618 01 078 9070] 245.45| 2768 592.65] 627,207 | 628071

(n) (V)

E‘]J‘?I 6: WSsuiisusaauefudszninseaaaw ENNTDIAZHAATNHATIAIIMTIIATER NN Y

Wy (n) anTewennIaieiwfisupeansd (u) nipeaeIsineTwiisuseaewenyol

lumsnazauanuudngIvaIMIneInIal Na1TanNLaaTI8aRA1a3e Wisuifiay

ﬁﬂUa@mnsﬁuﬁﬁﬁiéﬁnnawnﬁiﬂﬂiwUﬂﬂsdﬂﬂﬂ%%ﬂﬂi?Wﬁﬂ:ﬁhﬂin@namL%¢WﬁIﬁﬁhgaﬁhum

N 1.QaNAN 2017 14 31 WA 20171uﬂ15ﬂ@a911uaﬂuiﬁﬁhgﬂﬁ 6
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wan1sJ99

3'ﬁ'miwmmrﬁﬂa®mUﬁuﬁm“?@éﬁﬁﬁ'mﬁmiw:ﬁ@hUakl,munm (Time  Series
Analysis) UazaTm7ilaTzinIInanasiBiny (Multiple Linear Regression) @14fitduisnns
wenIolfidsEnsuanareiwly aeiuisinmaieuifisuanuutuiiaasiiniswensain g
C0N Iﬂw‘hmmﬂawmwaﬁagaslﬁl,ﬂu (wauun) wialwinadamsdiwio wasldnaanteas

A
LLE"(@NI%@]']TN'Y] 6

M15197 6: AN TLUSHUBUANNAAIALARBUNT 5 3T 28INTNENTHUBAVIBEUAING 2 LU

FORECAST| BASIC MAD MSE MAPE (%)| Theil’s U
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