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Abstract

The study for the application of Artificial Neural Networks (ANNs) for
flood in Thailand within 50 years is searching and reviewing various publications
from databases and national conference paper which are Thailand thesis
database from ThailLIS-Thai Library Integrated System, ScienceDirect, Scopus
and Web of Science. After investigation all 93 items, there are some points
that can be pulled out (1) there are 35 of postgrad thesis, 23 of research
report/journal paper and 35 of proceeding, (2) ANNs have been applied in
15 main catchments and Ping, Chaopraya and Mun are high number of
applications and (3) The most chosen for forecasting is runoff/ discharge with

daily data.
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nanianwiunan wildel@ure dadldaiglunisiiudeysninauiy
Irrazinalunmafudoyanasuy daddnenianaifitlssdnanimg
Weltlunnrdszanans warlfrzazinadoudiaunidunislimldeya
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wUURNaedlATatnedsrannifian (Artificial Neural Network: ANN)
dnaglunguues Metric model @9 wuLIaas ANN Ranwuzlaseaine uaz
vannsvaedsanada IngaansofiayFeus ansngtuumsng g Fouf
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Tunsnennsaidnanslnanadeuluiufiinemsnsay luganitlnauuu
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Supharatid, 2003a)
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fpuAansinuuan 175

= 3nuads
18

16

g 1: agtwsnsnignndtludszmalng Asus w.A.2532-2555
as9angudaya: nanileaiiuarussimanansoie (2557)

Tnafiyarianudonionedinuasninddu sonvieaudszanm
155,935 duLm (Naxilesiuuazussiniatansoudi, 2557) demiaenu
s nnsiiieadadldfinisliulse Waunasnnsfiazilestuuazussimae
ngvndtathsraiiios lidaziunissiaunislagyaaengaaes feain
YNTEINEAN L3 ENNTZADLNTI LA UL TP LR8I
usdu viefinnsimuiszuunisnensoifioudainiondaenidy
TfidszavinnuiudazaiansofeudsasandnlFonauiuniniu
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Tu19 Q’]imiﬁﬁ AN Impact factor ﬁ@u%’ﬂqqq 111 Advances in Water Resources
(2.235), Environmental Modelling and Software (2.659), Hydrological Processes
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(2.305) WA Water Resources Research (2.398) Ing/ARLAaNLNAYNNNNIATINNT
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MU 210 LNAINN 719NN A.A.1999-2007 LAZAINITOANLUNANT]
Feazdiuldan SrusuumanamATINeiiultugeiu Ui 2

Number of Papers
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1999 2000 2001 2002 2003 2004 2005 2006 2007
Year Published

gl 2: SuouimeaFigniiad senanatl A.A.1999-2007
Mz Maer et al. (2010) w1 895.
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