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Abstract

The study for the application of Arti  cial Neural Networks (ANNs) for 
 ood in Thailand within 50 years is searching and reviewing various publications 
from databases and national conference paper which are Thailand thesis 
database from ThaiLIS-Thai Library Integrated System, ScienceDirect, Scopus 
and Web of Science. After investigation all 93 items, there are some points 
that can be pulled out (1) there are 35 of postgrad thesis, 23 of research 
report/journal paper and 35 of proceeding, (2) ANNs have been applied in 
15 main catchments and Ping, Chaopraya and Mun are high number of 
applications and (3) The most chosen for forecasting is runo  / discharge with 
daily data.
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