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Abstract

The purpose of this research is to examine the factors affecting
consumers’ investment intention and trends in using the Robo Advisor
services in the Bangkok metropolitan area. This study adopted a quantitative
research design. The data were collected by using a questionnaire; 400
participants answered the questionnaire. The results showed that two
perceived risks, namely finance and time, negatively influenced customers’
investment intention by using the Robo Advisor services at a statistically
significant level of 0.01 and 0.05, respectively. Factors affecting customers’
investment intention included content marketing (i.e., forms of the media,
media used, and presentation techniques), electronic word-of-mouth
communication by news influencers on products and services), provision of
advice, and customers’ personal experiences; these factors were statistically
significant at 0.01 and 0.05. In addition, customers’ investment intention
using the Robo Advisor services in the Bangkok metropolitan area were
strongly and positively correlated with future investment decisions and trends
(i.e., investment decision and advice on services) at a statistically significant
level of 0.01.

Keywords: Investment Intention, Investment trends, Robo Advisor
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