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Abstract

This quantitative investigation examined the behavioral intention of Chinese Medicine
Undergraduates in Chengdu, China, toward blended education using the Rain Classroom
Teaching System, as well as the key factors that significantly influenced it. The researcher
assessed Perceived Ease of Use, Perceived Usefulness, System Quality, Information Quality,
Attitude, and Satisfaction to see if the effects of each of these variables influenced target
TCM undergraduates' behavioral intention. The researcher administered questionnaires to
TCM undergraduates and employed statistically exploratory approaches to determine 493
valid information. In this assessment, the judgmental and quota sampling strategies were
utilized. Confirmatory Factor Analysis and the Structural Equation Model were implemented
to establish the causal association connecting the aspects under assessment. This statistical
examination discovered that every hypothesis was supported, with system quality providing
the strongest direct influence on satisfaction. Each hypothesis has been verified to
accomplish the research objectives. As an interpretation, educational division administrators
at target institutions are encouraged to examine the significant improvements to the current
blended education implementation strategy to improve TCM undergraduates' learning

behavioral intentions.
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Introduction

Blended education integrates traditional face-to-face instruction with online leamning,
combining their advantages to enhance teaching outcomes and the learning experience (Zhao
& Xing, 2024). This method uses online platforms to provide diverse learning resources—such
as videos, quizzes, and forums—enabling students to prepare before class. Classroom time
can then focus on deeper interactions and personalized support, improving teaching quality
(Xu et al., 2024).

This approach supports flexible, ubiquitous learning, meeting students' diverse needs
while promoting autonomy and interaction. By combining online and offline resources,
students access customized learning paths, enhancing efficiency and equity in education.
Advanced technologies such as big data and Al further personalize the experience, thereby
optimizing learning outcomes.

For example, in English education, blended methods merge self-directed online
learning with in-class discussions, fostering teamwork and practical skills. Systems such as the
Rain-Classroom Teaching System (RCTS) use real-time interactivity and data-driven insights to
refine teaching strategies, benefiting instructors and students (Sun, 2019).

Behavioral intention plays a crucial role in evaluating the acceptance of blended
education technologies, as evidenced by studies on digital learning platforms. An empirical
study investigates factors influencing this intention among TCM undergraduates in Chengdu,
China, using the RCTS model (Songkram et al., 2023; Venkatesh et al., 2003).

Literature Review

1. Perceived Ease of Use

Perceived ease of use is the extent to which an activity is perceived as effortless to
operate, suggesting that an individual considers the mechanism straightforward to understand
with little cognitive and physical effort (Davis, 1989). Recent investigations have discovered
that confidence is critical to the PEOU of information technology systems, highlighting its
fundamental function in promoting system acceptability (Venkatesh & Davis, 2000). PEOU
corresponds to an individual's thoughts regarding their probability of accomplishment when
employing the functionality supplied by an organization. According to scientific investigations,
the quality of information provided significantly impacts users' judgments of PEOU and PU
(Ahn et al,, 2007). Additionally, Sagar and Van der Zwaan (2006) underlined that various
characteristics of SYQ, such as reliability, trustworthiness, encouragement, selecting
approachable surroundings, adaptation, and login straightforwardness, significantly impact
PEOU.

H1: Perceived ease of use has a significant effect on perceived usefulness.

H2: Perceived ease of use has a significant effect on attitude.
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2. Perceived Usefulness

According to Davis (1989) and Venkatesh and Davis (2000), PU is the consequence of
instructional applications on users' understanding of the consequences of achievements. In
the distance education framework, PU encompasses the degree to which learners anticipate
using a virtual educational environment would improve their educational accomplishment
(Lee, 2009). Sanchez-Cruz et al. (2013) examined the PU of distance learning infrastructure,
which measures how much students believe using these platforms would strengthen their
professional achievements. Personal PU corresponds to a student's enthusiasm for improved
educational outcomes and their application of educational technology (Robey & Farrow, 1982).
Navarro et al. (2004) maintain that PU has the capacity utilization to strengthen the students'
satisfaction and attitude substantially.

H3: Perceived usefulness has a significant effect on attitude.

3. Attitude

According to Golnaz et al. (2010), attitude was an essential predictor of behavior
intention. It was an individual's steady psychological propensity toward a certain item Ajzen
(1991). The ATT conveyed a sentiment regarding the item, including its enjoying or disliking
psychological reaction. Therefore, it was considerably more straightforward for individuals to
comprehend behavior that they acknowledged (Armitage & Conner, 2001). ATT is a significant
determinant of anyone's willingness to embrace educational technological advances (King &
He, 2006). ATT significantly mediates PU, PEOU, and BEI (Golnaz et al., 2010). According to
previous investigations, instructors' attitudes toward utilizing contemporary technology might
represent the most significant obstacle to their ability to incorporate it (Beri & Sharma, 2019).

Hd4: Attitude has a significant effect on behavioral intention.

4. System Quality

According to Delone and MclLean (1992), system quality is the degree of
professionalism demonstrated by the built-in capabilities of information and innovation
techniques. The characteristics of simplicity, effectiveness, precision, reliability, flexibility, and
reactivity are all examined in the context of information framework activities by Bailey and
Pearson (1983). Examination of the innovation technique for analyzing its entirety is associated
with SYQ (Chen & Tsai, 2007). SYQ is the rate at which a platform's credentials enable teachers
to perform their duties successfully and satisfactorily while fostering understanding and
knowledge (Rughoobur-Seetah & Zuberia, 2021). In internet-based instruction, SYQ indications
cover various topics, including system operation (Choet & Xiangkang, 2009).

H5: System quality has a significant effect on satisfaction.

5. Information Quality

According to Delone and Mclean (1992), the conception of information quality
encompasses the capability of a system to present a significant extent of educational

resources, encourage user significance, and provide reliable online educational knowledge.
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Students' perception of current, reliable, exhaustive, and promptly available knowledge is
characterized by the INQ (Rughoobur-Seetah & Zuberia, 2021). These considerations include
promptness, precision, effectiveness, generality, significance, truthfulness, and the breadth of
the information. According to research by Seddon (1997), the educational value of the
instructional material is one of the primary indicators used to evaluate the excellence of
information in an online learning environment. According to DeLone and MclLean (2003),
studies regarding INQ frequently encompass technique or generalization assessed
effectiveness as the indicator.

H6: Information quality has a significant effect on satisfaction.

6. Satisfaction

Satisfaction is an independent viewpoint that depends on various components,
including service quality, commodity-based significance, and circumstances. SAT is defined as
how individuals recognize and comprehend a benefit or assistance in general (Chang, 2012).
Numerous studies have demonstrated that the standard of knowledge significantly affects
users' SAT with an application, which in turn influences the frequency with which they use it
(Nagy, 2018). According to DeLone and MclLean (2003), SAT is the extent of individual
contentment with the system's functionality. One practical method for measuring student SAT
is to evaluate the connection between service quality and learning SAT (Pitt et al,, 1995). Navarro et al.
(2004) believe that using SAT could significantly increase users' awareness of utility; knowledge and
framework excellence evaluations are frequently used to gauge learning SAT.

H7: Satisfaction has a significant effect on behavioral intention.

7. Behavioral Intention

The psychological framework that highlights determined action to explain individuals'
choices in acknowledging a specific technique is a manifestation of behavioral intention
(Chauhan, 2015). In the opinion of Asadi et al. (2016), BEI can be characterized as a person's
psychological appearance regarding their decision to accept or reject a specific system. How
someone views the possibility of using behavioral purposes for employing an online education
system was the explanation behind selecting and establishing an e-learning system. It could
be influenced by administrative, scientific, and interpersonal variables (Salloum & Shaalan,
2019). BEl is a significant indicator in predicting how well a particular system or technology will
perform when utilized (Bardakci, 2019). According to previous investigations, BEl immediately
affects the actual utilization of technological structures, especially e-learning systems, and the

two structures have an important beneficial connection (Salloum & Shaalan, 2019).

Research Framework
The present quantitative research is designed to investigate the primary factors
influencing undergraduates' behavioral intention toward blended education via RCTS from the

three target medical colleges in the Sichuan province of China. This was carried out by
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considering the benefits of seven latent variables from the conceptual framework, which
included three independent variables—PEQOU, SYQ, and INQ; three mediator variables: PU,
ATT, and SAT—and one dependent variable, BEl. To determine the extent of the authority,
this study additionally examined the causal connections between each latent variable.
According to the structure of the conceptual framework, the seven hypotheses were
established:
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Figure 1 Conceptual Framework

The hypotheses of research variables based on the conceptual framework are.
H1: Perceived ease of use has a significant effect on perceived usefulness.
H2: Perceived ease of use has a significant effect on attitude.
H3: Perceived usefulness has a significant effect on attitude.
Hd4: Attitude has a significant effect on behavioral intention.
H5: System quality has a significant effect on satisfaction.
H6: Information quality has a significant effect on satisfaction.

H7: Satisfaction has a significant effect on behavioral intention.

Research Methodology

The TCM undergraduates at three target medical colleges in Sichuan, China, who
utilized the advantages of blended education, received a quantitative in-person survey by the
researcher. For this academic investigation, the researcher employed a multistage sampling
approach that included judgmental and quota sampling by RCTS. To identify the crucial

elements that significantly influenced those answering behavioral intention for blended

e
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education, information comprehension was merged and examined. The five-level Likert scale
is utilized to assess every observed characteristic scientifically.

1. Population and Sample Size

Following the effective completion of the investigation instrument's reliability and
validity evaluations, the scale items were provided to 500 TCM undergraduate students from
the target medical colleges. The researcher utilized statistical approaches to assess the data.
Additionally, constructed validity was investigated employing confirmatory factor analysis (CFA),
and the hypotheses and the direct, indirect, and total influence of the relationships among the
interconnected variables were evaluated using the structural equation model (SEM).

2. Sampling Techniques

Since it was essential to assess the correct evaluation by the investigation's instrument
contractors for the present investigation, one professor and two associate professors were
invited as experts to carry out the item-objective congruence (I0C) for content validity. After
the content validity evaluation was completed, the overall number of students for the pilot
evaluation was 30, and the internal consistency reliability of the scale items was evaluated

using Cronbach's Alpha evaluation.

Results and Discussion
1. Demographic Information
Following gathering data, 493 valid information were obtained after the invalid data was

narrowed.

Table 1 Demographic Profile

Demographic and General Data (N=493) Frequency Percentage
Male 219 44.42%
Gender
Female 274 55.58%
SCTCM 153 31.03%
College Belong SVCHR 166 33.37%
SNVC 174 35.60%
Freshman 125 25.34%
Grade Sophomore 189 38.34%
Junior 179 36.32%

Table 1 presents the summary of the demographic information for all 493 participants.
55.58% of participants were female, and 44.42% were male. According to the college data,
31.03% of the samples came from SCTCM, 33.37% from SVCHR, and 35.60% from SNVC.

Furthermore, 25.34% of the samples were first-year students, 38.34% were sophomores, and
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36.32% were juniors across the grade categories.
2. Confirmatory Factor Analysis (CFA)

Confirmatory Factor Analysis (CFA) is a statistical approach used to examine the
degree of fitness between a predefined factor model and actual data, thereby verifying whether
the structure of a theoretical hypothesis holds. This method is widely used in research in fields
such as pedagogy to help researchers confirm the validity of their theoretical models. The

Goodness of Fit (GOF) is the initial evaluation criterion for CFA.

Table 2 Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance
Extracted (AVE)

Latent Variables Source of No. of | Cronbach's Factors CR AVE
Questionnaire | Items Alpha Loading
Perceived Ease of Davis (1989) 3 0.785 0.710-0.832 | 0.848 | 0.652
Use (PEOU)
Perceived Davis (1989) 3 0.895 0.755-0.810 | 0.812 | 0.591
Usefulness (PU)
System Quiality Delone and 4 0.805 0.731-0.822 | 0.882 | 0.600
(SYQ) MclLean (1992)
Information Delone and 3 0.855 0.656-0.825 | 0.861 | 0.509
Quality (INQ) MclLean (1992)
Attitude (ATT) Golnaz et al. 3 0.902 0.770-0.891 | 0.855 | 0.665
(2010)
Satisfaction (SAT) Chang (2012) 0.709 0.674-0.781 | 0.787 | 0.553
Behavioral Asadi et al. 0.727 0.673-0.765 | 0.758 | 0.512
Intention (BEI) (2016)

Source: Created by the author.
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The vital evaluation indicators for the CFA are convergent validity and discriminant
validity. The estimated points for convergent validity are Factor Loading (FL), Composited
Reliability (CR), and Average Variance Extracted (AVE). In this empirical research, all the FL
values are above 0.5, all the CRs are above 0.7, and all the AVEs exceed 0.5, indicating that
convergent validity was supported. The detailed information for convergent validity is
summarized in Table 2.

Table 3 Goodness of Fit for Measurement Model

Index Acceptable Values Statistical Values After
Adjustment

CMIN/df <3.00 (Al-Mamary & 2.080
Shamsuddin, 2015; Awang,
2012)

GFl > 0.90 (Sica & Ghisi, 2007) 0.919

AGF] >0.80 (Sica & Ghisi, 2007) 0.897

RMSEA < 0.05 (Hu & Bentler, 1999) 0.047

CFl > 0.90 (Bentler, 1990) 0.952

NFI >0.90 (Wu & Wang, 2006) 0.912

TLI > 0.90 (Hair et al., 2006) 0.943

Model summary Acceptable Model Fit

Note: CMIN/DF = the ratio of the chi-square value to degree of freedom, GFI = goodness-of-fit index, AGFI =
adjusted goodness-of-fit index, RMSEA = root mean square error of approximation, CFl = comparative fit

index, NFI = normalized fit index and TLI = Tucker Lewis index.

As indicated by Table 3, all the pertinent standards for the CFA and the GOF indicators
fulfilled the specifications. Therefore, every goodness of fit measurement employed in the CFA

assessment was acceptable.
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PEOU PU sYQ INQ ATT SAT Bl

PEOU 0.807

PU 0.140 0.769

sYQ 0.127 0.084 0.775

INQ 0.082 0.050 0.170 0.713

ATT 0.451 0.165 0.079 0.133 0.815

SAT 0.008 0.038 0.508 0.180 0.098 0.744

BI 0.226 0.130 0.138 0.039 0.449 0.170 0.716

Note: The diagonally listed value is the AVE square roots of the variables.

For the acceptable criteria of discriminant validity, the coefficient of association
between any paired latent variables should be below 0.8 (Schmitt & Stults, 1986). The
highest value of this coefficient of association is 0.508. Therefore, the discriminant validity of
the CFA was supported, as shown in Table 4.

3. Structural Equation Model (SEM)

The structural Equation Model (SEM) is a multivariate quantitative analysis
methodology used to investigate the connection between complex constructs, especially for
educational and academic research (Kaplan, 2009). In the structural model, SEM could
evaluate the causal relationship between latent variables through path analysis, which can
reveal the influence of exogenous latent variables on endogenous latent variables and the

mutual relationship between endogenous latent variables (Byrne, 2010).

313



= o

13msIvImsanItumaluladusgissagl U7 11 avvil 2 n3ngIau — 5u11Au 2568

Table 5: Goodness of Fit for Measurement and Structural Model

Index Acceptable Values Statistical Values After
Adjustment

CMIN/df <3.00 (Al-Mamary & 2.137
Shamsuddin, 2015; Awang,
2012)

GFl > 0.90 (Sica & Ghisi, 2007) 0.913

AGF] >0.80 (Sica & Ghisi, 2007) 0.894

RMSEA < 0.05 (Hu & Bentler, 1999) 0.048

CFI > 0.90 (Bentler, 1990) 0.947

NFI >0.90 (Wu & Wang, 2006) 0.905

TLI > 0.90 (Hair et al., 2006) 0.940

Model summary Acceptable Model Fit

Note: CMIN/DF = the ratio of the chi-square value to degree of freedom, GFl = goodness-of-fit index, AGFI
= adjusted goodness-of-fit index, RMSEA = root mean square error of approximation, CFl = comparative fit

index, NFI = normalized fit index and TLI = Tucker Lewis index.

Identical to the CFA, SEM also requires the GOF evaluation first. The evaluation
standard of SEM in this research is consistent with the corresponding requirements of the CFA.
All the SEM's GOF has been determined based on the comprehensive data provided in Table 5.

4. Hypothesis Testing Result

Table 6 summarizes the hypotheses and results, showing that all were supported.
ATT significantly influenced BEI, with a standardized path coefficient (B) of 0.588 and
a T-value of 10.258*** the strongest influence. PEOU significantly affected ATT (B = 0.538,
T-value = 9.360***), the second strongest influence. INQ also significantly impacted SAT ([3 =
0.532, T-value = 9.320***), ranking third. SAT influenced BEI (B = 0.163, T-value = 3.124**%) the
fourth strongest. PEOU impacted PU (B = 0.144, T-value = 2.675%*%), ranking fifth. SYQ
influenced SAT (B = 0.121, T-value = 2.508%), the sixth strongest. Finally, PU influenced ATT
(B = 0.106, T-value = 2.218%), the weakest influence.
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Table 6: Hypothesis Results of the Structural Equation Model

Hypothesis B t-value Result
H1: PEOU=>PU 0.144 2.675 ** Supported
H2: PEOU= ATT 0.538 9.36( *** Supported
H3: PUDATT 0.106 2.218 * Supported
Ha: ATT—BI 0.588 10.285 **x Supported
H5: SYQ— SAT 0.121 2.508 * Supported
H6: INQ= SAT 0.532 9.320 *** Supported
H7: SAT—>BEI 0.163 3.124 ** Supported

Note: *** p<0.001

Source: Created by the authorThe structural model identified significant relationships for all
hypotheses. H1 confirmed that PEOU positively impacts PU (B = 0.144), aligning with findings
on ease of use influencing perceived usefulness (Cheng, 2014; Davis, 1989). H2 showed PEOU
significantly affects ATT ([3 = 0.538), emphasizing its role in user attitudes (Kulviwat et al., 2007).
H3 revealed PU impacts ATT (B = 0.106), consistent with the TAM framework (Childers et al,,
2001). H4 highlighted ATT's strong effect on BEI ([3 = 0.588), supporting the link between
attitude and behavioral intention (Estriegana et al., 2018). H5 demonstrated SYQ's influence
on SAT (B = 0.121), reflecting ISSM insights (Poelmans & Wessa, 2013). H6 confirmed INQ's
effect on SAT (B = 0.532), while H7 established SAT's impact on BEI (B = 0.163), consistent

with research on satisfaction shaping intentions in blended learning (Mouakket & Bettayeb,
2015).

Conclusions, Recommendations, Limitations and Future Research
1. Conclusions
This study examined the influence of PEOU, PU, ATT, SYQ, INQ, and SAT on BEI
among TCM undergraduates in Sichuan, China. CFA validated the framework using data from
493 students, and SEM confirmed significant relationships. ATT had the strongest impact on
BEI, with PEOU strongly influencing ATT. All hypotheses were supported.
2. Recommendations
This study provides recommendations for improving blended education. To
enhance PEOU, instructors should integrate quality resources like videos and animations and
train students to use online platforms. For PU, combining online and offline resources and
building learning communities boost effectiveness and motivation. Aligning resources and
fostering interactive activities enhances ATT while ensuring system stability and gathering
feedback, which improves SYQ. Accurate, updated multimedia content supports INQ, and

localized resources with strong interactions increase SAT. These measures collectively

e
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enhance teaching and learning outcomes for TCM undergraduates.

3. Limitations and Future Research

The current investigation restricted itself to TCM major undergraduates across three
colleges and universities in the Sichuan region of China; however, undoubtedly, many
undergraduates in medical college were not involved in this quantitative investigation.
Additionally, alternative technological adoption frameworks were not emphasized, and only
seven variables that correspond to the ISSM and TAM models have been discovered in the
conceptual framework.

The next evaluation might be divided into two parts: broadening the scope of the
research to cover more majors in medical colleges. The extra variable from various techniques,
such as acceptability hypotheses such as ECM, TRA, and UTAUT, could be analyzed as part of

the research framework development.
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