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Abstract

This study aimed to identify and analyze the impact factors of advanced technologies
on human resource recruitment in Chinese higher education institutions, focusing on
recruitment efficiency, candidate experience, diversity and quality of hires, and retention rates
of new hires. Utilizing a quantitative research design, data were collected from a sample of 205
recruitment officers and human resource (HR) managers across fifteen diverse universities in
China, selected through a purposive sampling method. A structured questionnaire was used,
the validity and reliability of which were established using Cronbach's alpha coefficient at the
0.8 level. Multiple linear regression analyses were employed to examine the relationships
between Al-driven screening tools, virtual interview platforms, data analysis evaluation
techniques, automated applicant tracking systems, and each dependent variable.

The results showed that all four technologies were positively associated with
recruitment efficiency, candidate experience, diversity and quality of hires, and retention rates.
Specifically, Al-driven screening tools had the largest unique contribution to recruitment
efficiency (B =.284, p =.000), while data analysis evaluation techniques had the largest unique
contribution to both candidate experience (f = .251, p = .000) and retention rates (f = .237, p
=.001). Virtual interview platforms had the largest unique contribution to diversity and quality
of hires (B = .213, p = .003). These findings underscore the strategic value of advanced
technologies in enhancing organizational capabilities, aligning with the Resource-Based View,
and their crucial role in optimizing human capital acquisition and retention, as posited by
Human Capital Theory. The study concluded that the integration of advanced technologies can
significantly enhance various aspects of the recruitment process in higher education
institutions. However, it also emphasized the importance of addressing potential challenges
related to data security, fairness, and transparency.

Keywords: Digital Recruitment, Technology, Higher Resource Recruitment


mailto:542652354@qq.com
mailto:chulalux_s@hotmail.com
mailto:jirapipat.than@cmu.ac.th

62 UBRU International Journal Ubon Ratchathani Rajabhat University
Vol.5 No.2 May - August 2025

Introduction

In recent years, the rapid advancement of digital technologies has transformed various
industries, including higher education, particularly in human resource recruitment processes.
Higher education institutions now face an increased demand for skilled personnel who can
adapt to digitalized environments (Singh & Sahoo, 2023). With the widespread adoption of big
data analytics, artificial intelligence (AI), digital recruitment platforms, and mobile
applications, these institutions have turned to technology as a solution to improve recruitment
efficiency and the quality of new hires (Martinez-Gil et al., 2020; Leonidas & Tibuhinda,
2023). As noted by Bara et al. (2015), big data tools allow institutions to enhance decision-
making accuracy in recruitment, significantly optimizing candidate selection and aligning hires
with institutional needs.

This shift to technology-driven recruitment models is essential, particularly in
competitive educational landscapes like China, where universities are rapidly expanding and
aiming to improve their educational standards (Bara et al., 2015; Memon et al., 2024). The
"Internet +" initiative and the Chinese government’s push for digital transformation in
education have catalyzed the adoption of advanced HR technologies, encouraging universities
to implement digital upgrades in recruitment and HR management to meet new challenges
(Hamilton & Sodeman, 2020). These advancements promise more efficient recruitment
processes, broadened outreach through social media, and improved candidate matching
through Al-driven tools (Dhiman & Arora, 2018). Despite the potential benefits, universities
must also address challenges, such as data security and maintaining fairness in digital
recruitment practices (Tumasjan et al., 2020).

Despite the growing adoption and perceived benefits of these advanced technologies,
there remains a critical gap in comprehensive empirical research specifically examining their
multifaceted impact on key recruitment outcomes within the unique context of Chinese higher
education institutions. While individual technologies have been studied, a holistic analysis that
integrates their collective influence on recruitment efficiency, candidate experience, diversity
and quality of hires, and retention rates is still limited. Understanding these specific impacts is
crucial for institutions to strategically invest in and implement digital recruitment solutions
effectively, ensuring fairness, data security, and optimal talent acquisition in a competitive
landscape.

Therefore, this study aims to analyze the application and impact of advanced
technologies on recruitment in Chinese higher education institutions, focusing on efficiency,
candidate experience, hire quality, and retention outcomes. By examining the integration of
digital technologies, this research seeks to contribute valuable insights for HR practitioners and
policymakers in enhancing recruitment strategies to adapt to the digital age.

Objective

The specific research objectives that guided this study were as follows:

1. To identify the impact factor of advanced technology on human resource recruiting
in Higher Education.

2. To analyze the impact of advanced technology on human resource recruiting in
Higher Education.
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Literature Review

The researcher conducted a comprehensive review of relevant concepts, theories, and
research to inform the development of research guidelines.

The Impact of Advanced Technologies on Human Resource Recruitment in Higher
Education. The rapid advancement of digital technologies has led to transformative changes in
human resource (HR) recruitment within higher education. This transformation has been
particularly influenced by tools such as artificial intelligence (Al), big data analytics, digital
recruitment platforms, mobile applications, and social media.

Artificial Intelligence in HR Recruitment

Al technology has significantly enhanced recruitment efficiency and accuracy by
enabling automated resume screening, skills assessment, and candidate ranking. These Al-
driven tools reduced manual workload and fostered transparency in the recruitment process,
thereby improving overall effectiveness (Martinez-Gil et al., 2020; Bara et al., 2015). For
example, universities such as Zhejiang University adopted Al systems to precisely match
candidate qualifications with job requirements, particularly for in-demand roles, substantially
enhancing the quality of hires (Kurek et al., 2024). However, the implementation of Al also
raised ethical and operational concerns, especially regarding data privacy and algorithmic bias.
As Al systems rely on historical hiring data, they may inadvertently perpetuate existing biases,
underscoring the need for transparency and fairness in Al usage to maintain equitable hiring
practices (Tumasjan et al., 2020).

Big Data Analytics in Recruitment

Big data analytics played an equally critical role by providing a data-driven approach
to candidate evaluation, hiring predictions, and strategic decision-making. At Peking
University, for instance, big data systems analyzed vast amounts of candidate information,
streamlining recruitment processes and enhancing the quality of hiring decisions. Such insights
enabled HR teams to anticipate hiring needs, optimize recruitment timelines, and ensure
alignment between candidate qualifications and job roles (Hamilton & Sodeman, 2020; Singh
& Sahoo, 2023). Despite these benefits, big data analytics presented challenges such as data
security and high processing demands, especially for institutions with limited resources.
Consequently, universities needed robust data protection measures to ethically leverage big
data in recruitment, protecting candidate privacy through protocols that anonymized data and
ensured compliance with regulatory standards (Ikram et al., 2017). Moving forward, the
integration of big data analytics with Al can enhance predictive capabilities and refine
recruitment strategies, allowing higher education institutions to achieve inclusive hiring while
maintaining efficiency and cost-effectiveness (Hamilton & Sodeman, 2020).

Digital Recruitment Platforms

Digital recruitment platforms have revolutionized HR processes in higher education by
centralizing job postings, application tracking, candidate communication, and interview
scheduling. These platforms significantly improved recruitment efficiency by automating
routine administrative tasks, broadening applicant outreach, and supporting institutional
competitiveness. For example, Chinese universities such as Tsinghua and Fudan extensively
used platforms like Zhaopin and 51job to attract high-caliber talent, streamline recruitment
activities, and enhance candidate experience (Leonidas & Tibuhinda, 2023; Memon et al.,
2024). Nonetheless, digital platforms posed risks such as cybersecurity vulnerabilities,
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potential dependency on third-party platforms, and the need for continuous technological
updates. Universities must invest in cybersecurity measures to protect applicant data and
balance external dependencies with internal recruitment capabilities to optimize processes
(Leonidas & Tibuhinda, 2023). Future developments in customizable digital recruitment
platforms could offer solutions to current challenges by seamlessly integrating with
institutional databases, allowing for a flexible recruitment approach tailored to the unique
requirements of higher education.

Mobile Applications and Social Media Tools

Mobile applications and social media are powerful tools that extended recruitment
reach and boosted candidate engagement. Many institutions utilized social media for
recruitment transparency, enabling real-time interaction with candidates. For instance, China
University of Geosciences developed mobile apps to simplify applications, while Shanghai
Jiao Tong University used WeChat for live recruitment events that included interactive Q&A
sessions, thereby strengthening institutional branding and recruiting effectiveness (Dhiman &
Arora, 2018; Rana & Singh, 2015). However, these tools must prioritize data privacy;
universities must design mobile applications to rigorously protect user data, given the sensitive
nature of recruitment information, and maintain professional branding on social media
platforms (Lal & Aggarwal, 2013).

Human Resource Management Practices and Retention Rates

Beyond technological tools, strategic human resource management (HRM) practices
played a crucial role in not only attracting but also retaining talent. Data-driven HR practices
enabled universities to develop tailored growth opportunities and retention initiatives, fostering
a supportive work environment that enhanced employee satisfaction and loyalty (Arulrajah et
al.,, 2015). In the context of higher education, retention strategies focused on inclusive
onboarding, professional growth opportunities, and employee engagement to achieve high
retention rates. Data analytics further aided HR teams in predicting turnover risks, enabling
proactive measures to improve retention (Spano, 2008).

Cost-Efficiency in Recruitment

Finally, cost-efficiency remained a pivotal consideration in recruitment. Digital tools,
from Al-driven screening to e-recruitment platforms, drastically reduced operational costs by
automating tasks that would otherwise require significant manual input. Online recruitment
methods not only eliminated logistical costs associated with traditional, in-person recruitment
but also streamlined processes, making recruitment more cost-effective and efficient overall
(Christensen et al., 2017).

Research Methodology

Research design

This study utilizes a rigorous quantitative research design to evaluate the influence of
advanced technologies on recruitment practices within Chinese higher education institutions.
A structured questionnaire serves as the primary data collection tool. The quantitative
methodology ensures a systematic approach to collecting, measuring, and analyzing data,
thereby facilitating the empirical testing of hypotheses. Guided by established research
paradigms in recruitment and digital transformation, the study's design allows for precision in
examining the dimensions of technology integration. The structured questionnaire enables the
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measurement of multiple factors, ensuring that findings are reliable, actionable, and
generalizable across institutions.

Population and Sample Size

The target population consists of recruitment officers and human resource (HR)
managers from 15 universities in China, representing varying sizes, geographic locations, and
institutional types. These universities were selected to capture a diverse range of recruitment
experiences and practices, ensuring broad applicability of the findings. To enhance the
robustness of the analysis, stratified sampling was employed to ensure proportional
representation of subgroups, including recruitment officers and HR managers. The total sample
size comprises approximately 250 respondents, with 15-20 participants from each university.
This sample size ensures sufficient statistical power and the ability to identify significant
trends. The detailed breakdown of the sample is as follows:

No. University Name Recruitment Officers & Sampling
HR Managers Number

1 | Hebei University Science of and 100 20
Technology

2 | Zhejiang Gongshang University 90 18

3 | Guangdong University of Finance 70 14

4 | Shenyang Jianzhu University 60 12

5 | Changsha University 80 16

6 | Fuyjian University of Technology 75 15

7 | Xi'an University of Arts and Science 95 19

8 | Qingdao Agricultural University 85 17

9 | Guangxi Normal University 90 18

10 | Yunnan University of Economic and 70 14
Management

11 | Shandong Jiaotong University 100 20

12 | Chongqing University of 120 24
Technology

13 | Guizhou University of Finance and 65 13
Economics

14 | Tianjin University of Vocational 80 16
Technology

15 | Henan University of Engineering 85 17
Total 1,235 250

The actual number of valid responses collected and used for analysis was 205, as
detailed in the Data Collection section. This slight deviation from the initial target of 250 was
due to incomplete submissions, but the final sample size of 205 still provides sufficient
statistical power for the analyses conducted.
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Research Tools

The primary data collection tool was a structured questionnaire designed to evaluate
the effectiveness and usability of various technologies across recruitment stages. A Likert scale
was used to assess respondents' perceptions of technology features, such as the effectiveness
of Al screening and the usability of data analytics tools. As can be seen from the table above:
the KMO value is 0.920, and the KMO value is greater than 0.8, the research data is very
suitable for extracting information.

Data collection

Data were collected using both electronic and in-person methods. The questionnaire
encompassed key recruitment metrics, including candidate evaluation, recruitment efficiency,
and employee retention. A pilot test was conducted to verify the questionnaire's reliability, and
subsequent adjustments were made based on initial feedback to enhance clarity and validity.

Data Analysis
Data analysis was performed using SPSS, incorporating descriptive statistics, reliability
analysis, factor analysis, and regression and correlation analyses.

Conceptual Framework

This section presents the conceptual framework that guided this research, illustrating
the hypothesized relationships between the independent variables (advanced technologies) and
the dependent variables (human resource recruitment outcomes in higher education). This
framework provides a visual representation of the study's theoretical underpinnings and the
specific constructs being investigated.

Independent variables Dependent variables

Hla, H1b, Hlc, Hld

Use of Al-driven screening tools Recruitment efficiency I

H2a, H2b, H2¢, H2d

Implementation of virtual interview platforms Candidate experience |

H3a, H3b, H3¢c, H3d

Utilization of data analytics in candidate evaluation Diversity and quality of hires |

H4a, H4b, H4c, H4d

Adoption of automated applicant tracking systems

(ATS) Retention rates of new hires I

Figure 1: Conceptual Framework
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As depicted in Figure 1, the framework proposes that the use of advanced technologies,
specifically Al-driven screening tools, implementation of virtual interview platforms,
utilization of data analytics in candidate evaluation, and adoption of automated applicant
tracking systems (ATS), are the independent variables. These technologies are hypothesized to
positively influence four key dependent variables: recruitment efficiency, candidate
experience, diversity and quality of hires, and retention rates of new hires. This model serves
as the foundation for the empirical investigation and hypothesis testing conducted in this study.

Research Hypothesis

This study hypothesized positive relationships between four independent variables: (1)
Al-driven screening tools, (2) virtual interview platforms, (3) utilization of data analytics in
candidate evaluation, and (4) adoption of automated applicant tracking systems; and four
dependent variables: (a) recruitment efficiency, (b) candidate experience, (¢) diversity and
quality of hires, and (d) retention rates of new hires. The following hypotheses were tested:

Hla: Al-driven screening tools positively influences recruitment efficiency.

H1b: Al-driven screening tools positively influences candidate experience.

Hlc: Al-driven screening tools positively influences diversity and quality of hires.

H1d: Al-driven screening tools positively influences retention rates of new hires.

H2a: Virtual interview platforms positively influences recruitment efficiency.

H2b: Virtual interview platforms positively influences candidate experience.

H2c: Virtual interview platforms positively influences diversity and quality of hires.

H2d: Virtual interview platforms positively influences retention rates of new hires.

H3a: Utilization of data analytics in candidate evaluation positively influences
recruitment efficiency.

H3b: Utilization of data analytics in candidate evaluation positively influences
candidate experience.

H3c: Utilization of data analytics in candidate evaluation positively influences diversity
and quality of hires.

H3d: Utilization of data analytics in candidate evaluation positively influences
Retention rates of new hires.

H4a: Adoption of automated applicant tracking systems positively influences
recruitment efficiency.

H4b: Adoption of automated applicant tracking systems positively influences candidate
experience.

H4c: Adoption of automated applicant tracking systems influences diversity and quality
of hires.

H4d: Adoption of automated applicant tracking systems positively influences retention
rates of new hires.

Limitations

Despite its rigorous methodology, this study has certain limitations that warrant
consideration for future research. Firstly, the study's geographical scope was limited to 15
universities in China. While efforts were made to include diverse institutional types, the
findings may not be fully generalizable to all higher education institutions globally or even
across all regions within China. Secondly, the reliance on self-reported data from HR
professionals might introduce response bias, as participants' perceptions could be influenced
by social desirability or their personal experiences. Future research could incorporate objective
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measures or triangulate data from multiple sources to mitigate this. Thirdly, the study employed
a cross-sectional design, which captures data at a single point in time. This limits the ability to
establish causal relationships or observe the long-term impacts of technology adoption on
recruitment outcomes. Longitudinal studies would be beneficial to track changes over time.
Finally, while the study identified key technological impact factors, it did not delve deeply into
the specific technical, financial, or organizational barriers that institutions might face during
implementation. Future research could explore these practical challenges in more detail to
provide actionable insights for digital transformation strategies.

Research Finding

The following presents the findings of the study, derived from the collected data and
subsequent analysis. This section addresses the research objectives by first identifying key
demographic characteristics and correlations among variables and then analyzing the specific
impacts of advanced technologies on human resource recruiting outcomes in higher education.

Demographic Analysis

The majority of respondents (45.37%) were hiring specialists, followed by Hiring
Managers (40.98%) and Human Resources Managers (13.66%). Most respondents worked in
general undergraduate universities (51.71%), with fewer respondents from key universities
(32.20%) and vocational and technical colleges (16.10%). The largest group of respondents
(43.41%) reported hiring 11-50 new employees per year. Over half of the respondents had 3
or more years of hiring experience (37.07% had 3-6 years and 31.71% had more than 6 years).
The most common level of technology use in the hiring process was 41-60% (37.56%). A
significant portion of respondents (12.20%) reported using technology in only 0-20% of their
hiring process. As shown in Table 1.

Table 1: Demographic frequency and number analysis

Name Options Frequency | Percentage
(%)
1. What is your position? Human Resources 28 13.66
Manager
Hiring specialist 93 45.37
Hiring Manager 84 40.98
2. Type of higher education General undergraduate 106 51.71
institution: University
Vocational and 33 16.10
technical colleges
Key universities (e.g. 66 32.20
985, 211 universities)
3. The average number of new hires | 1-10 38 18.54
per year: More than 100 17 8.29
employees
11-50 89 4341
51-100 61 29.76
1-3 years 46 22.44
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4. How many years of hiring Less than 1 year 18 8.78
experience do you have? 3-6 years 76 37.07
More than 6 years 65 31.71
5. What percentage of your hiring 0-20% 25 12.20
process involves technology tools 21-40% 51 24.88
(AL, ATS)? 41-60% 77 37.56
61-80% 37 18.05
81-100% 15 7.32

Summary of Table 1: This table provides a demographic overview of the 205 HR
professionals surveyed. It shows that the majority of respondents are hiring specialists
(45.37%) and hiring managers (40.98%) from general undergraduate universities (51.71%).
Most institutions hire 11-50 new employees annually (43.41%), and over half of the
respondents have more than 3 years of hiring experience. The data also indicates that
technology is commonly integrated into 41-60% of the hiring processes among the surveyed
institutions. These demographic insights help identify the context and characteristics of the
impact factors (Objective 1) within the Chinese higher education recruitment landscape.

Correlation Analysis

Pearson's correlation analysis revealed statistically significant positive correlations
between all variables. Al-driven screening tools were positively correlated with virtual
interview platforms (r = .454, p <.01), data analysis evaluation techniques (r = .390, p <.01),
automated applicant tracking systems (r = .440, p < .01), recruitment efficiency (r = .488,
p < .01), candidate experience (r = .440, p < .01), diversity and quality of hires (r = .434,
p <.01), and retention rate (r = .427, p < .01). Virtual interview platforms were also positively
correlated with data analysis evaluation techniques (r = .424, p < .01), automated applicant
tracking systems (r = .498, p < .01), recruitment efficiency (r = .436, p < .01), candidate
experience (r = .459, p < .01), diversity and quality of hires (r = .463, p < .01), and retention
rate (r = 473, p < .01). Similar positive correlations were observed between data analysis
evaluation techniques and automated applicant tracking systems (r = .465, p <.01), recruitment
efficiency (r = 411, p <.01), candidate experience (r = .479, p < .01), diversity and quality of
hires (r = .431, p <.01), and retention rate (r = .470, p <.01). Automated applicant tracking
systems were positively correlated with recruitment efficiency (r = .433, p < .01), candidate
experience (r = .455, p < .01), diversity and quality of hires (r = .446, p <.01), and retention
rate (r = 460, p < .01). Recruitment efficiency was positively correlated with candidate
experience (r = .463, p < .01), diversity and quality of hires (r = .515, p <.01), and retention
rate (r = 447, p < .01). Candidate experience was positively correlated with diversity and
quality of hires (r = .544, p <.01) and retention rate (r = .505, p <.01). Finally, diversity and
quality of hires were positively correlated with retention rate (r = .438, p <.01). As shown in
Table 2.
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Table 2: Pearson’s Correlation Analysis
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Summary of Table 2: This table presents the Pearson's correlation coefficients,
indicating statistically significant positive relationships between all independent variables
(Al-driven screening tools, virtual interview platforms, data analysis evaluation techniques,
ATS) and all dependent variables (recruitment efficiency, candidate experience, diversity and
quality of hires, retention rate). This analysis helps identify the impact factors (Objective
1) by showing the strength and direction of the relationships between advanced technologies
and various recruitment outcomes.

Regression Analysis

The results of the multiple linear regression analysis are presented below to analyze the
specific impact of advanced technologies on human resource recruiting outcomes in higher
education (Objective 2).

Regression Analysis of Recruitment Efficiency

A multiple linear regression analysis was conducted to examine the relationships
between the four independent variables (Al-driven screening tools, virtual interview platforms,
data analysis evaluation techniques, and automated applicant tracking systems) and the
dependent variable, recruitment efficiency. The results showed that the model was statistically
significant (F(4, 200) = 25.924, p = .000), explaining 34.1% of the variance in recruitment
efficiency (Adjusted R? = .328). All four independent variables were statistically significant
predictors of recruitment efficiency. Al-driven screening tools had the largest unique
contribution (B = .284, p =.000), followed by virtual interview platforms ( = .163, p =.022),
data analysis evaluation techniques (B = .160, p = .020), and automated applicant tracking
systems (B = .153, p = .034). The Durbin-Watson statistic (1.915) indicated no significant
autocorrelation of the residuals. Multicollinearity was not a concern, as all Variance Inflation
Factor (VIF) values were below 2 and tolerance values were above .6. As shown in Table 3.
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Table 3: The regression analysis examining the relationships between the independent and
dependent variables (Recruitment efficiency).

Non- Standardization T P Collinearity
standardized coefficient diagnosis
coefficient
B Standard Beta 2 Tolerance
Error VIF
is
based
Constant 0.801 | 0.266 - 3.011  0.003 - -
k ok

Driver's 0.286  0.069 0.284 4.175  0.000 | 1.405 0.712
screening tool * ok
(H1a)
Virtual 0.171 | 0.074 0.163 2.308  0.022 1.520  0.658
interview *
platform (H2a)
Data analysis 0.171 1 0.073 0.160 2.353 1 0.020 | 1.402 0.713
evaluation *
techniques
(H3a)
Automatic 0.149  0.070 0.153 2.129 0.034 1.559  0.642
Applicant *
Tracking
System (ATS)
(H4a)
R? 0.341
Adjust R? 0.328
F F (4,200)=25.924,p=0.000
D-W value 1.915

Note: Dependent variable = recruitment efficiency
* p<0.05 ** p<0.01

Summary of Table 3: This table presents the results of the multiple linear regression
analysis for recruitment efficiency. The model is statistically significant (p <.001) and explains
34.1% of the variance in recruitment efficiency. All four independent variables, particularly
Al-driven screening tools (= .284, p = .000), are significant positive predictors of recruitment
efficiency, providing analytical insights into the impact of these technologies (Objective 2).

Regression Analysis of Candidate experience

A multiple linear regression analysis was conducted to examine the relationships
between the four independent variables (Al-driven screening tools, virtual interview platforms,
data analysis evaluation techniques, and automated applicant tracking systems) and the
dependent variable, candidate experience. The results showed that the model was statistically
significant (F(4, 200) = 28.382, p = .000), explaining 36.2% of the variance in candidate
experience (Adjusted R? = .349). All four independent variables were statistically significant
predictors of candidate experience. Data analysis evaluation techniques had the largest unique
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contribution (f = .251, p =.000), followed by virtual interview platforms ( =.187, p = .008),
Al-driven screening tools (B = .186, p = .006), and automated applicant tracking systems (f =
.163,p=.022). The Durbin-Watson statistic (1.779) was within the acceptable range, indicating
no significant autocorrelation of the residuals. Multicollinearity was not a concern, as all
Variance Inflation Factor (VIF) values were below 2 and tolerance values were above .6. As
shown in Table 4.

Table 4: The regression analysis examining the relationships between the independent and
dependent variables (Candidate experience).

Non- Coefficient of T P Collinearity
normalized standardization diagnosis
coefficient

B Standard Beta 2 Tolerance
Error VIF
is
based
Constant 0.393  0.287 - 1.371 0.172 - -
Driven 0.205 0.074 0.186 2.775 0.006 1.405 0.712
screening tool * ok
(H1b)
Virtual 0.215  0.080 0.187 2.691 0.008 1.520  0.658
interview *
platform (H2b)
Data analysis 0.294  0.078 0.251 3.756 0.000 1.402 0.713
Evaluation *
techniques
(H3b)
Automatic 0.175 | 0.076 0.163 2.308 0.022 1.559 0.642
Applicant *
Tracking
System (ATS)
(H4b)
R? 0.362
Adjust R? 0.349
F F (4,200)=28.382,p=0.000
D-W value 1.779

Note: Dependent variable = candidate experience
* p<0.05 ** p<0.01

Summary of Table 4: This table presents the results of the multiple linear regression
analysis for candidate experience. The model is statistically significant (p <.001) and accounts
for 36.2% of the variance in candidate experience. Data analysis evaluation techniques (B =
251, p = .000) show the strongest positive predictive power, followed by virtual interview
platforms, Al-driven screening tools, and ATS, indicating that these technologies significantly
enhance the overall candidate experience. This further analyzes the impact (Objective 2) of
advanced technologies on the candidate's journey.
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Regression Analysis of Candidate experience

A multiple linear regression analysis was conducted to examine the relationships
between the four independent variables (Al-driven screening tools, virtual interview platforms,
data analysis evaluation techniques, and automated applicant tracking systems) and the
dependent variable, diversity and quality of hires. The results showed that the model was
statistically significant (F(4, 200) = 25.398, p = .000), explaining 33.7% of the variance in
diversity and quality of hires (Adjusted R? = .324). All four independent variables were
statistically significant predictors of diversity and quality of hires. Virtual interview platforms
had the largest unique contribution ( =.213, p =.003), followed by Al-driven screening tools
(B = .189, p = .006), data analysis evaluation techniques ( = .188, p = .006), and automated
applicant tracking systems (B =.169, p=.020). The Durbin-Watson statistic (1.943) was within
the acceptable range, indicating no significant autocorrelation of the residuals.
Multicollinearity was not a concern, as all Variance Inflation Factor (VIF) values were below
2 and tolerance values were above .6. As shown in Table 5.

Table 5: The regression analysis examining the relationships between the independent and
dependent variables (Candidate experience).

Non-normalized Coefficient of T P Collinearity
coefficient standardization diagnosis
B Standard Beta 2 VIF | Tolerance
Error is
based
Constant 0.623 0.272 - 2.288  0.023 - -
*
Drive the screening | 0.194 0.070 0.189 2.771  0.006 1.405 0.712
tool (H1c) *ox
Virtual interview 0.227 0.076 0.213 2998 0.003 1.520 0.658
platform (H2c) * oK
Data analysis 0.205 0.074 0.188 2.762 | 0.006 | 1.402 0.713
Evaluation * oK
techniques (H3c)
Automatic 0.169 0.072 0.169 2.348 | 0.020 | 1.559 0.642
Applicant Tracking *
System (ATS) (H4c)
R’ 0.337
Adjust R 0.324
F F (4,200)=25.398.,p=0.000
D-W value 1.943

Note: Dependent variable = Diversity and quality of hires
* p<0.05 ** p<0.01

Summary of Table 5: This table presents the results of the multiple linear regression
analysis for diversity and quality of hires. The model is statistically significant (p <.001) and
explains 33.7% of the variance. Virtual interview platforms (B = .213, p = .003) are the
strongest positive predictors, followed by Al-driven screening tools, data analysis evaluation
techniques, and ATS, indicating their significant role in enhancing the diversity and overall
quality of new hires. This analysis directly contributes to understanding the impact of advanced
technologies on hiring quality (Objective 2).
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Regression Analysis of Retention rates of new hires

A multiple linear regression analysis was conducted to examine the relationships
between the four independent variables (Al-driven screening tools, virtual interview platforms,
data analysis evaluation techniques, and automated applicant tracking systems) and the
dependent variable, retention rates of new hires. The results showed that the model was
statistically significant (F(4, 200) = 28.234, p = .000), explaining 36.1% of the variance in
retention rates (Adjusted R? = .348). All four independent variables were statistically
significant predictors of retention rates. Data analysis evaluation techniques had the largest
unique contribution (f =.237, p =.001), followed by virtual interview platforms (f =.213, p
=.002), automated applicant tracking systems (f = .172, p = .015), and Al-driven screening
tools (B =.162, p=.017). The Durbin-Watson statistic (2.045) was within the acceptable range,
indicating no significant autocorrelation of the residuals. Multicollinearity was not a concern,
as all Variance Inflation Factor (VIF) values were below 2 and tolerance values were above .6.
As shown in Table 6.

Table 6: The regression analysis examining the relationships between the independent and
dependent variables (Retention rates of new hires).

Non-normalized = Coefficient of T P Collinearity
coefficient standardization diagnosis
B Standard Beta 2 VIF Tolerance
Error is
based
Constant 0.632 0.263 - 2.408 0.017 - -
%

Driver's 0.163 0.068 0.162 2417 0.017  1.405 0.712
screening tool *
Virtual 0.224  0.073 0.213 3.063 0.002  1.520 0.658
interview o
platform
Data analysis  0.254  0.072 0.237 3.537 0.001 1.402 0.713
Evaluation *
techniques
Automatic 0.169  0.069 0.172 2442 0.015 1.559 0.642
Applicant *
Tracking
System (ATS)
R? 0.361
Adjust R? 0.348
F F (4,200)=28.234,p=0.000
D-W value 2.045

Note: Dependent variable = Retention rate of new hires
* p<0.05 ** p<0.01
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Summary of Table 6: This table presents the results of the multiple linear regression
analysis for retention rates of new hires. The model is statistically significant (p < .001) and
explains 36.1% of the variance. Data analysis evaluation techniques (f = .237, p = .001) are
the strongest positive predictors, followed by virtual interview platforms, ATS, and Al-driven
screening tools, indicating their collective positive influence on improving employee retention
rates in higher education institutions. This directly addresses the analysis of the impact of
advanced technology on human resource recruiting (Objective 2) by quantifying the effects on
retention.

Based on the findings, a conceptual framework was developed as follows.

/

The Effect of Advanced Technology on Human
Resource Recruiting in Higher Education

4 N

Use of Al-driven [ Impl ion of virtual 1 ‘ Utilization of data analytics

Adoption of automated

tools interview platforms in candidate evaluation ppli tracking systems

Recruitment Candidate Diversity and Retention rates
efficiency experience quality of hires of new hires
(34.1%) (36.2%) (33.7%) (36.1%)

- D,

Figure 2: Presented the conceptual framework for the study examining the effects of
advanced technology on human resource recruitment in higher education.

This figure visually summarizes the four independent variables (Al-driven screening
tools, virtual interview platforms, data analytics, and ATS) and their respective positive
impacts on the four dependent variables (recruitment efficiency, candidate experience,
diversity and quality of hires, and retention rates of new hires), along with the percentage of
variance explained for each outcome. This framework serves to identify the impact factors
(Objective 1) and visually represent their analyzed impacts (Objective 2) on recruitment
outcomes.
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Conclusion

This study aimed to explore the impact of advanced technologies on human resource
recruitment in Chinese higher education institutions, focusing on recruitment efficiency,
candidate experience, quality of hires, and employee retention. Specifically, this research
successfully identified the key impact factors of advanced technology on human resource
recruiting and subsequently analyzed their specific effects on various recruitment outcomes,
directly addressing the study's objectives. The findings revealed that Al-driven screening tools,
virtual interview platforms, data analysis evaluation techniques, and automated applicant
tracking systems were all positively associated with the four dependent variables, supporting
the proposed hypotheses. These advanced technologies contributed to increased recruitment
efficiency, enhanced candidate experience, improved hire quality, and higher retention rates of
new hires. The analysis of these impacts provides clear evidence of how each technological
factor contributes to specific recruitment improvements, thereby fulfilling the study's second
objective. However, the adoption of advanced technologies in recruitment necessitates careful
consideration of various challenges, such as data security, ensuring fairness and transparency,
and mitigating potential biases. These findings underscore the strategic value of advanced
technologies in enhancing organizational capabilities, aligning with the Resource-Based View,
and their crucial role in optimizing human capital acquisition and retention, as posited by
Human Capital Theory. This study provides valuable insights and practical recommendations
for HR practitioners and policymakers to enhance their recruitment strategies in response to
digital transformations. These insights can help higher education institutions attract, select, and
retain highly qualified personnel in an increasingly competitive environment.

Discussion

The findings of this study align with previous research indicating the significant role of
advanced technologies in enhancing recruitment efficiency (Singh & Sahoo, 2023; Memon et
al., 2024). Specifically, Al-driven screening tools help reduce the time and resources required
for candidate screening and facilitate the identification of candidates whose qualifications
closely match job requirements (Kurek et al., 2024). Virtual interview platforms offer increased
flexibility and reduce time and location constraints in interviewing candidates (Palos-Sanchez
& Saura, 2018). Data analysis evaluation techniques enable accurate analysis of candidate
information and prediction of job success (Nocker & Sena, 2019). Automated applicant
tracking systems streamline the recruitment process and enhance efficiency (Andrews, 2012).
Furthermore, this study highlights the importance of candidate experience as a crucial factor in
attracting and retaining talent. The use of technologies such as mobile applications and social
media platforms can enhance candidate satisfaction and foster engagement with the institution
(Dhiman & Arora, 2018; Rana & Singh, 2015). However, the adoption of advanced
technologies requires careful consideration and mitigation of potential challenges, including
data security (Ikram et al., 2017), ensuring fairness and transparency (Tumasjan et al., 2020),
and addressing potential biases (e.g., Lal & Aggarwal, 2013). Future research should
investigate the long-term impact of technology on recruitment and conduct comparative studies
across different regions and types of institutions to provide comprehensive insights and
recommendations for effective implementation. The present study's findings not only
corroborate previous research but also provide a more nuanced understanding of the specific
contributions of various advanced technologies to different facets of human resource
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recruitment in higher education. For instance, while Al-driven screening tools were found to
be most influential for overall recruitment efficiency, data analytics emerged as the strongest
predictor for enhancing candidate experience and retention rates. This differentiation extends
the existing literature by providing granular insights into which technologies yield optimal
results for specific recruitment outcomes, offering practical implications for strategic
investment. Furthermore, these results can be interpreted through the lens of established
theoretical frameworks. The significant positive impact of Al-driven tools and data analytics
on recruitment efficiency and quality aligns with the Resource-Based View (RBV), suggesting
that these technologies serve as valuable, inimitable resources that provide a competitive
advantage to higher education institutions in attracting top talent (Hamilton & Sodeman, 2020).
The enhanced candidate experience and improved retention rates, particularly influenced by
data analytics and virtual platforms, resonate with the Social Exchange Theory, where positive,
transparent, and flexible interactions foster trust and commitment between
candidates/employees and the institution (Andrews, 2012). Moreover, the overall positive
impact on hiring quality and retention rates directly supports the tenets of Human Capital
Theory, indicating that strategic technological adoption effectively contributes to the
acquisition and development of high-quality human capital within the academic sector (Kurek
et al., 2024). This research offers critical reflection on the practical implications for HR
practitioners and policymakers. The identified strengths of specific technologies for different
recruitment outcomes suggest that a tailored approach to technology adoption is more effective
than a one-size-fits-all strategy. For example, institutions prioritizing candidate satisfaction
should heavily invest in robust data analytics for personalized experiences, while those focused
on efficiency might prioritize Al screening tools. These insights provide actionable guidance
for optimizing resource allocation and developing targeted training programs for HR personnel
to maximize the benefits of these advanced tools. While the findings strongly support the
hypotheses, limitations exist. The study is geographically limited to Chinese universities, and
while diverse institutional types were included, the findings may not fully capture global
variations in recruitment technology adoption. Additionally, self-reported data from HR
professionals may introduce response bias, as participants' perceptions could be influenced by
social desirability or their personal experiences. Future research could incorporate objective
measures or triangulate data from multiple sources to mitigate this. Thirdly, the study employed
a cross-sectional design, which captures data at a single point in time. This limits the ability to
establish causal relationships or observe the long-term impacts of technology adoption on
recruitment outcomes. Longitudinal studies would be beneficial to track changes over time.
Finally, while the study identified key technological impact factors, it did not delve deeply into
the specific technical, financial, or organizational barriers that institutions might face during
implementation. Future research could explore these practical challenges in more detail to
provide actionable insights for digital transformation strategies.
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Suggestion

Application Suggestions

1. To enhance recruitment efficiency, universities were encouraged to utilize Al-
powered screening tools and ATS systems to streamline the recruitment process, saving time
and resources. This was considered particularly beneficial for universities with limited
resources or during peak hiring seasons. Additionally, universities were encouraged to expand
the use of mobile applications and virtual interview platforms to provide real-time tracking and
transparent communication to candidates. This was expected to enhance candidate satisfaction
and improve the institution's appeal.

2. The use of big data analytics to assess candidate fit was recommended as a strategy
to reduce turnover rates and improve the quality of hires. Universities were also encouraged to
develop social media recruitment strategies to expand their candidate pool and enhance their
employer brand.

3. The use of Al-driven tools with clear, objective criteria was highlighted as a crucial
step in ensuring fairness and building trust with candidates.

Future Research Directions

1. Future research was recommended to investigate the long-term impact of technology
on recruitment, employing longitudinal studies to analyze the effects of technology on retention
rates, job performance, and cultural alignment.

2. Comparative studies across different regions and types of institutions were suggested
to identify best practices and unique challenges associated with technology adoption.

3. Evaluating the effectiveness of Al in mitigating bias was deemed crucial to promote
inclusivity in university hiring practices.

4. Gathering detailed feedback from candidates was recommended to refine digital
recruitment tools and enhance the overall candidate experience.

5. Finally, it was suggested that future research should investigate the technical,
financial, and organizational barriers to adopting recruitment technologies to support a smooth
digital transformation in higher education.
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